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Abstract

Homophily—the tendency of individuals to associate with similar others—is one of the most persistent findings in research on
interpersonal interaction. Literature has recently also studied the impact of homophily in crowdfunding markets (Greenberg
& Mollick, 2017). While these results offer valuable insights into the dimension sex, homophily is a multidimensional con-
struct in theory (McPherson, Smith-Lovin, & Cook, 2001). Therefore, I employ homophily theorizing by analyzing to what
extent homophily influences backers’ choices in crowdfunding regarding five different sociodemographic dimensions. To test
my hypotheses, I drew upon a unique dataset of roughly 3.5 million backings made on the crowdfunding platform Indie-gogo.
My results suggest that individuals make homophilic choices with respect to age, sex, occupation, and location. While my
findings thus confirm that, in large, homophily plays an essential role in individual choices, I extend the literature by showing
that it is not always as clear-cut. The more complex the dimension, the more difficult it is to judge. Specifically, I show that
in the dimension race, where a plethora of possible combinations leads to a certain degree of complexity, there is no simple
‘yes’ or ‘no’ answer to whether homophily influences the decision. Instead, significant differences can be observed depending

on the specific race under consideration.
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1. Introduction

Choice homophily (Greenberg & Mollick, 2015, 2017;
McPherson & Smith-Lovin, 1987) is influential in resource
acquisition online. In general, the concept of homophily can
be described as “like attracted to like” (Greenberg & Mol-
lick, 2017, p. 342) and argues that the basis of attraction
between individuals is the similarity between them, where
“contact between similar people occurs at a higher rate than
among dissimilar people” (McPherson et al., 2001, p. 416).
In the past, the concept of homophily has been used to ex-
plain a plethora of phenomena in the social sciences ranging
from mere personal contact (Wellman, 1996) over friendship
(Kandel, 1978; Lazarsfeld & Merton, 1954; Verbrugge, 1977)
to the close bond of marriage (Alba & Golden, 1986; Kalmijn,
1998). Essentially, two types of homophily—induced and
choice—can be distinguished. While induced homophily de-
scribes “structural mechanisms that define the probability
that individuals will interact with those with similar charac-
teristics” (Greenberg & Mollick, 2017, p. 342), choice ho-
mophily is acting at the individual level. It explains how
people choose to interact with similar others due to shared
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characteristics (Greenberg & Mollick, 2017). The concept of
choice homophily has already been used to explain resource
acquisition in different settings such as crowdlending (Rig-
gins & Weber, 2017), venture capital investment (Hegde &
Tumlinson, 2014), and crowdfunding (Greenberg & Mollick,
2017). However, it should be noted that homophily often was
studied regarding only a single characteristic, such as sex and
gender. For example, a first study in the context of crowd-
funding demonstrated how female backers tend to support
female entrepreneurs and even more so in industries where
women are underrepresented (Greenberg & Mollick, 2017).

However, homophily is a multidimensional construct. It
is not only related to sex and gender, but amongst others also
to race and ethnicity, age, and occupation (McPherson et al.,
2001). Therefore, it is necessary to include other, often ne-
glected dimensions in the analysis to advance research on
homophily, especially in online fundraising. Moreover, ho-
mophily occurs in the dyadic relationship between the in-
vestor and the entrepreneur in the online fundraising con-
text. Especially in crowdfunding, however, research has so
far focused primarily on the entrepreneur, neglecting the role
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of the investors. By studying how investors choose to support
entrepreneurs, this paper aims to put the investors at the cen-
ter of research.

Since homophily is a multidimensional construct in the-
ory, it is of concern to adopt a multifaceted view in the online
resource acquisition context to advance the understanding
of the investors’ decision-making. Moreover, it is simply not
clear whether the findings for the characteristic sex are re-
producible for other dimensions of homophily, such as race
and ethnicity, age, occupation, or location. While one pos-
sible outcome of the analysis might be that investors exhibit
homophily with regard to other dimensions, different mech-
anisms may just as well be responsible for the behavior of
investors. In this context, the concept of intragroup com-
petition (Deutsch, 1949; Goldman, Stockbauer, & McAuliffe,
1977), occurring due to perceived conflicting goal attain-
ments among members of a group, could provide an alterna-
tive explanation for the behavior of investors. This scenario is
particularly imaginable in the dimension occupation. Back-
ers who have launched a crowdfunding campaign themselves
may not fund projects in the same category as theirs since this
may decrease the probability of success of their own cam-
paign. Due to a lack of research to date, it is simply unclear
to what extent homophily influences the investors’ decision-
making in online fundraising. Thus, the research question
underlying this paper is as follows: To what extent does ho-
mophily play a role in the choice of crowdfunding investors,
and specifically, to what extent do different sociodemographic
characteristics influence homophily?

To answer the research question, I perform quantitative
analyses on data gathered from Indiegogo, one of the largest
crowdfunding platforms worldwide. For this purpose, I con-
structed a dataset of roughly 3.5 million backings made by
more than one million backers on Indiegogo. Using a self-
built web crawler, I collected various data points such as the
name, location, profile image, and social media links of the
backers and entrepreneurs. Thereby, my quantitative analy-
ses focus on studying homophily effects in the five sociode-
mographic dimensions age, sex, race, occupation, and loca-
tion. The different research hypotheses guiding my analyses
can be summarized as follows: Investors are more likely to
support those entrepreneurs to whom they are similar.

This study makes four contributions. First, I contribute to
the broad literature on homophily. While scholars often stud-
ied homophily regarding single dimensions, for example, in
a study demonstrating how women tend to support women
in crowdfunding (Greenberg & Mollick, 2017), I extend the
frame of analyses and individually consider five different so-
ciodemographic dimensions of homophily. Thus, this study
is one of the first to give a broader overview of homophily in
different dimensions to do more justice to the complexity of
this theoretical construct. In this context, I find that, as previ-
ously demonstrated, individuals tend to make homophilous
choices regarding the sociodemographic dimensions age, sex,
occupation, and location. In contrast, homophily in the more
complex dimension race is not as clear-cut. Instead, I find sig-
nificant differences depending on the race considered, where

my findings suggest that primarily black and Indian individ-
uals make homophilous choices.

Second, I contribute to the crowdfunding literature by
moving the investors into the spotlight of crowdfunding re-
search. Scholars have previously called to put the investors
in the spotlight, as so far, research has mainly focused on
the characteristics of the campaigns and the entrepreneurs
as drivers of success, while the backers have been neglected
in the crowdfunding context (Bretschneider & Leimeister,
2017; Kuppuswamy & Bayus, 2018). Analyzing the decision-
making behavior of the investors also offers valuable practi-
cal insights for potential campaign creators. In this context,
my findings suggest that black and Indian entrepreneurs are
discriminated against by every but their race.

Third, most studies in crowdfunding obtained their data
from the platform Kickstarter (exemplary see Greenberg and
Mollick (2017)). My study empirically contributes by collect-
ing the data on the backers’ investment behavior from the
crowdfunding platform Indiegogo.

Fourth, this study contributes by replicating the findings
observed on other platforms for resource acquisition online
on the crowdfunding platform Indiegogo. While, for exam-
ple, a study on the lending-based microfinance platform Kiva
showed that lenders tend to support fundraisers of the same
sex and projects within an industry similar to the one the
lenders are active in (Riggins & Weber, 2017), it is not clear
whether these results are projectable to other platforms like
Indiegogo. That is because scholars have argued that plat-
forms differ, and thus “patterns observed on one platform
cannot be assumed to generalize to other platforms” (Dush-
nitsky & Fitza, 2018, p. 1). My results, however, help to
replicate and validate previous findings from other platforms
for online fundraising and thus contribute by providing an
additional perspective to the question of platform generaliz-
ability.

2. Theory and Hypotheses

The following chapter provides a review of the theories
motivating this study. This chapter starts with a review of the
general theory of homophily (see chapter 2.1), followed by
an introduction to homophily in the context of crowdfunding
(see chapter 2.2). Finally, this chapter ends with a theoret-
ical explanation, including the hypothesis development, for
each of the five sociodemographic dimensions of homophily
examined in this paper (see chapter 2.3).

2.1. Homophily

The term homophily was initially coined by Lazarsfeld and
Merton (1954) to describe the tendency of individuals to as-
sociate with similar others and to provide a clear distinction
from the complementary term heterophily, which denotes a
tendency for people who differ in certain respects to inter-
act. The observation itself that people bond with others who
are similar to them is rather old. Already Aristotle stated
in his Rhetoric and Nichomachean Ethics that people “love
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those who are like themselves” (Aristotle, 1934, p. 1371),
or Plato explained in Phaedrus that “similarity begets friend-
ship” (Plato, 1968, p. 837).

Today, the phrase “birds of a feather flock together”
(Lazarsfeld & Merton, 1954, p. 37) is commonly used to
summarize the concept of homophily. In general, this theo-
retical construct describes a psychological process suggesting
that similarity promotes connection, whereby bonds between
similar people occur more frequently than between dissimilar
people (McPherson et al., 2001). However, it is important to
stress that homophily does not only occur in one dimension,
such as race and ethnicity. Instead, it is a multidimensional
construct, where race and ethnicity, age, sex and gender,
religion, education, and occupation are among the main di-
mensions where similarity fosters interaction (McPherson et
al., 2001).

The tendency of individuals to associate with others
based on similar characteristics is one of the most thoroughly
studied concepts in the social sciences (Greenberg & Mollick,
2017). In the past, homophily has been used to explain a
plethora of phenomena in this field, such as personal con-
tact (Wellman, 1996), friendship (Kandel, 1978; Lazarsfeld
& Merton, 1954; Verbrugge, 1977), and marriage (Alba &
Golden, 1986; Kalmijn, 1998). The overarching finding of all
studies is that, for example, friends, colleagues, and individ-
uals in romantic relationships are more similar to each other
on various dimensions than randomly selected members of a
population (Kossinets & Watts, 2009). In this context, early
studies related to homophily and network formation were
conducted among small social groups, where ties between
group members could easily be observed by ethnographers,
such as people meeting at a cafeteria, behavior among school
children, or small urban neighborhoods (McPherson et al.,
2001). Thereby, studies have demonstrated homophily by
psychological traits such as aspirations, attitudes, and in-
telligence, suggesting that a community of values plays a
vital role in the formation of friendships (Richardson, 1940).
Other studies in the early phase were able to demonstrate sig-
nificant homophily by demographic factors like sex, race and
ethnicity, education, and age (exemplary see Bott (1928);
Loomis (1946)).

With advances in research methods, scholars conducted
large-scale studies of network formation and homophily be-
ginning in the 1970s (McPherson et al., 2001). By taking
advantage of more advanced research methods, studies on
adolescent friendships were able to show that social status
significantly influences friendships, as adults tend to choose
friends with an equal social status (Verbrugge, 1977). Fur-
thermore, studies on the formation and dissolution of adult
friendships showed that adults choose friends with similar at-
titudes and that an incongruence of attitudes and behaviors
can lead to friendship breakup (Kandel, 1978). In addition,
studies that uncovered the mechanisms of the closest bond
of marriage were able to show that weddings in the United
States of America are more likely to happen between indi-
viduals with ethnically related backgrounds (Alba & Golden,
1986). Another study worth mentioning examined the influ-

ence of local ties, i.e., the neighborhood in which people live,
on personal networks (Wellman, 1996). This study provided
significant results showing the importance of local ties in per-
sonal networks, emphasizing the importance of the local di-
mension in interpersonal contact (Wellman, 1996). While
the studies presented above, representing only a tiny portion
of the vast literature on homophily, may differ in their con-
texts and methods, the primary finding that runs like a thread
through all of the studies is that “people’s personal networks
are homogeneous with regard to many sociodemographic,
behavioral, and intrapersonal characteristics” (McPherson et
al., 2001, p. 415).

From those studies, two important aspects should be
highlighted. First, most studies on homophily refer to the
level of individual interaction, which describes the dyadic
relationship between two individuals, such as the study on
ethnic marriage (Alba & Golden, 1986). Besides the dyadic
relationship between two individuals, the community level,
which assumes that peer groups play an essential role in
people’s behavior, forms the other main tradition of research
on homophily (McPherson et al.,, 2001). Second, the ma-
jority of the studies consider only one of the dimensions of
homophily (Block & Grund, 2014), such as the influence
of race and ethnicity on marriage (Alba & Golden, 1986).
However, some scholars also emphasize the multidimension-
ality in network formation and social structure by measuring
their development on several characteristics. In this regard,
a study of social structure formation was one of the first to
include multiple factors such as education, sex, and many
more in the analysis (Blau, 1977).

Furthermore, two types of homophily—induced ho-
mophily and choice homophily—need to be distinguished.
These different types of homophily describe the two possible
mechanisms in which the similarity of related individuals
may be grounded. First, induced homophily is caused by
the group composition (Kossinets & Watts, 2009; McPher-
son & Smith-Lovin, 1987) and describes structural mech-
anisms defining the probability of interaction with similar
others (Greenberg & Mollick, 2017). Thus, even in the
case of random choices within the group, the social ties
would create similarity between individuals (Greenberg &
Mollick, 2017), suggesting that the group composition in
the system dictates the possibility for association (McPher-
son & Smith-Lovin, 1987). On the other hand, choice ho-
mophily—the focus of this paper—operates at the individual
level, is driven by shared characteristics, and explains how
people choose to support and interact with similar others
due to personal preferences (Greenberg & Mollick, 2017;
Kossinets & Watts, 2009). Thus, in the case of pure choice
homophily, the group’s composition would not affect simi-
larity between connected individuals, but the interpersonal
interaction would be based solely on preferences for the
dyadic similarity between the connected individuals (Green-
berg & Mollick, 2017; McPherson & Smith-Lovin, 1987).
Specifically, interaction is based on individual choices, with
interpersonal similarity being the cause of association with
someone similar to oneself (Greenberg & Mollick, 2015).
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One possible reason for choice homophily presented in the
literature is that being akin to someone—e.g., sharing the
same cultural background, being the same age, or speaking
the same language—can lead to trust and solidarity between
individuals (Block & Grund, 2014). In short, choice ho-
mophily is “the individual-level propensity to choose similar
others” (McPherson & Smith-Lovin, 1987, p. 371). However,
it should be noted that historically it has been challenging to
separate choice homophily from induced homophily (Green-
berg & Mollick, 2015). That is because the different forms
often do not occur in isolation but rather in some sort of
interaction (Kossinets & Watts, 2009; McPherson & Smith-
Lovin, 1987). Thereby, “groups are arenas for tie formation”
(McPherson & Smith-Lovin, 1987, p. 373), where a group
can be as small as a school class or large like platforms for
online venture funding. Thus, opportunity structures for
interactions are influenced by the size, composition, and
structure of the group (McPherson, 1982, 1983; McPher-
son & Smith-Lovin, 1982, 1986), describing how induced
homophily shapes choice homophily as structural barriers
set the context on the options individuals can choose from
(Greenberg & Mollick, 2017).

Over time, the concept of homophily has been applied
not only in sociological research but also in other fields, such
as business and economics. For example, a study examin-
ing the formation of inter-organizational alliances found that
various rules of affiliation such as homophily, accumulative
advantage, and follow-the-trend influence network evolution
(Powell, White, Koput, & Owen-Smith, 2005). Those results
are consistent with the findings of a study on structural ho-
mophily and firm partnering choices, which found that ho-
mophily can frequently be used to explain organizational al-
liances (Ahuja, Polidoro Jr, & Mitchell, 2009). Interestingly,
a study focusing on interactions between employees within
an organization found that employees exhibit significant ho-
mophily in communicating with other employees, especially
in large groups that offer more choice of interaction part-
ners than smaller groups (Kleinbaum, Stuart, & Tushman,
2013). This finding already points to the relevance of choice
homophily, especially in large groups. Therefore, the con-
cept of choice homophily is particularly relevant in the con-
text of online venture funding, especially crowdfunding, as
it involves large groups, and studies in this context aim to
explain how investors choose to fund specific projects and
entrepreneurs. For example, in this setting, a study exam-
ining the influence of social proximity on business partner-
ships found that venture capitalists tend to choose start-ups
with co-ethnic executives for their investment, describing an
ethnic proximity between the venture capital firm and the
start-up (Hegde & Tumlinson, 2014). Similarly, an initial
study of homophily in the context of crowdfunding—which
will be mentioned only briefly here and discussed in more
detail in the following chapter—found that females tend to
support female entrepreneurs (Greenberg & Mollick, 2017).
The above studies show that the concept of choice homophily
has gained interest in the business and economics contexts,
where choice homophily has been used to explain various

settings of entrepreneurial funding. Thereby, recent interest
has also turned to crowdfunding markets, as they provide a
near-optimal framework to focus almost solely on choice ho-
mophily (Greenberg & Mollick, 2017).

2.2. Homophily in Crowdfunding

As explained in chapter 2.1, homophily has already been
applied in various fields of literature, ranging from sociology
to business and economics. Focusing almost purely on choice
homophily, an initial study in the context of crowdfunding
demonstrated that women tend to support other women, and
even more so in industries where women are typically un-
derrepresented (Greenberg & Mollick, 2017). In this con-
text, Greenberg and Mollick (2017) further divide choice ho-
mophily into two more detailed mechanisms in order to dif-
ferentiate between homophily caused by mere dyadic sim-
ilarity, i.e., interpersonal choice homophily, and homophily
caused by “perceptions of shared structural barriers stem-
ming from a common group-level social identity and an un-
derlying desire to help overcome them” (p. 342), i.e., activist
choice homophily.

The goal of the above study was to choose a context in
which homophily has historically been viewed as a cause
of inequality, namely the funding of female entrepreneurs
(Greenberg & Mollick, 2017). Thereby, past studies pointed
to the fact that women receive less venture capital than men.
For example, women-led firms receive only a small percent-
age of venture capital investments (Greene, Brush, Hart, &
Saparito, 2001; Harrison & Mason, 2007). A possible rea-
son for this gender gap is the inequality in the traditional
funding network itself, where less than 15 percent of ven-
ture capitalists are female (Harrison & Mason, 2007; Stuart
& Sorenson, 2007), having scholars suggest that homophily
is one of the reasons for the gender imbalance in venture
funding (Becker-Blease & Sohl, 2007; Stuart & Sorenson,
2007). However, connecting to the overarching theory of ho-
mophily, it is worth noting that an inequality exists not only
in the funding of female entrepreneurs but also in the broader
context of resource acquisition concerning other sociodemo-
graphic characteristics such as race and ethnicity. In this con-
text, studies have shown that inequality also exists in this re-
gard, as African American men are less likely than white en-
trepreneurs to obtain funding (Jenq, Pan, & Theseira, 2015;
Younkin & Kuppuswamy, 2018). This observation may be
due, at least to some degree, because most early-stage in-
vestors are white men (Sohl, 2015). To study such biases
and to focus merely on the choices made by investors, that
is, on the concept of choice homophily, crowdfunding pro-
vides a more appropriate context than traditional means of
funding such as venture capital firms (Greenberg & Mollick,
2017). Thus, the crowdfunding context offers a solution to
the long-standing challenge of separating induced and choice
homophily (Greenberg & Mollick, 2015, 2017).

The term crowdfunding was first coined in the late 2000s
and “describes a new institutional form which utilizes digi-
tal platforms to originate and aggregate funding” (Dushnit-
sky & Fitza, 2018, p. 1). While early-stage funding and
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resource acquisition have always been crucial for commer-
cializing innovative ideas (Cosh, Cumming, & Hughes, 2009;
Kortum & Lerner, 2000), deciding which new ideas to com-
mercialize has long been tremendously undemocratic, with
small groups of experts, typically white male venture capital-
ists, deciding which new idea to support (Mollick & Robb,
2016). The lack of diversity in traditional venture fund-
ing and the resulting barriers in access to financial resources
(Mollick & Robb, 2016) have led to an increasing number of
entrepreneurs using a relatively new form of financing that
makes use of large online communities, known as crowd-
funding (Kuppuswamy & Bayus, 2018; Mollick, 2014). In
a prevalent definition of the term, crowdfunding “refers to
the efforts by entrepreneurial individuals and groups (...)
to fund their ventures by drawing on relatively small con-
tributions from a relatively large number of individuals us-
ing the internet, without standard financial intermediaries”
(Mollick, 2014, p. 2). In this context, the relatively large
number of individuals is also commonly referred to as the
crowd (Belleflamme, Lambert, & Schwienbacher, 2014). Ap-
pealing to a large community of investors from the general
public, crowdfunding “involves an open call, mostly through
the Internet, for the provision of financial resources either
in the form of donation or in exchange for the product or
some form of reward to support initiatives” (Belleflamme et
al., 2014, p. 4). Ultimately, the goal of crowdfunding plat-
forms is to connect entrepreneurs with investors who are will-
ing to support new ideas (Bretschneider & Leimeister, 2017).
Thereby, the goal is to democratize the funding process by
serving as a vehicle for greater participation by investors and
entrepreneurs who are typically underrepresented in these
markets, such as women and all sorts of minorities (Mollick
& Robb, 2016). While crowdfunding can currently still be
considered a niche phenomenon in total funding volume, it
is gaining importance in many countries (Belleflamme, Om-
rani, & Peitz, 2015). The crowdfunding market has grown
from US$880 million in 2010 to US$34.4 billion in 2015
(Massolution, 2015) and is expected to grow to US$96 bil-
lion by 2025 (World Bank, 2013). Although these figures
are comparatively small compared to the trillions of dollars
invested overall, they show that crowdfunding is a rapidly
growing market (Belleflamme et al., 2015).

As can be inferred from the brief description above, the
crowdfunding context is particularly well suited to focus on
the concept of choice homophily. By reducing social con-
straints and search costs, crowdfunding allows campaign
creators to access potential backers with similar sociode-
mographic characteristics and allows individual investors to
choose to fund ideas they support (Greenberg & Mollick,
2017). Thus, choosing the crowdfunding context can lower
induced homophily in two main ways and allows to focus
almost entirely on choice homophily. First, it removes the
traditional gatekeepers of venture funding, such as venture
capitalists, and at the same time increases the set of poten-
tial investors by offering everyone the opportunity to fund
a campaign (Greenberg & Mollick, 2017). As shown above,
traditional gatekeepers to start-up funding lack diversity

with respect to various sociodemographic characteristics,
such as sex or race. Thus, since the lack of diversity lim-
its the possibility for connections between investors and
entrepreneurs, traditional funding includes high levels of
induced homophily, disfavoring minorities that have histor-
ically been disadvantaged in the venture funding process.
However, crowdfunding potentially democratizes resource
acquisition by removing traditional gatekeepers and provid-
ing investment opportunities to a possibly unlimited com-
munity of investors from the general public. It increases
diversity among investors with respect do various sociode-
mographic characteristics, ultimately reducing induced ho-
mophily.

Second, using digital platforms as a means of funding
makes it possible to reach a larger group of like-minded in-
dividuals than is typically the case with socially or geograph-
ically constrained searches (Greenberg & Mollick, 2017).
In line with McPherson and Smith-Lovin (1987), arguing
that given a certain amount of diversity, larger groups allow
for more homophilic ties, crowdfunding, with its inherently
large and diversified community, presents the perfect setting
to focus on individual choices. In this setting with a large
set of possible choices, it is thus possible to properly study
choice homophily because if individuals “make homophilous
choices, they produce similar pairings even in cases of high
group diversity” (McPherson & Smith-Lovin, 1987, p. 372).

2.3. Sociodemographic Dimensions of Homophily

The following chapter aims to theoretically motivate
and explain the five sociodemographic dimensions of ho-
mophily studied in this paper. I provide a theoretical expla-
nation regarding the backers’ possible behavior with respect
to the dyadic relationship with the entrepreneur for each
dimension analyzed—i.e., age, sex, race, occupation, and
location—including the respective hypotheses guiding the
analyses. In line with the goal of this paper, which is to
examine how investors choose to support entrepreneurs in
online resource acquisition, the following chapter focuses on
choice homophily. Thus, this chapter provides theoretical
explanations for situations where choice is warranted, de-
scribing why investors might show a preference to invest in
entrepreneurs to whom they are similar.

2.3.1. Age

Apart from generation-linking ties such as relationships
with children or parents, age homophily has been proven
to be quite strong across general social relationships (Smith,
McPherson, & Smith-Lovin, 2014). However, typically a large
part of age homophilic networks is induced by institutional
settings and life-course patterns such as workplaces, schools,
or sports clubs (Kalmijn & Vermunt, 2005). These findings
are consistent with a study by Feld (1982), who argues that
the environments in which people engage tend to be homo-
geneous, indicating that the group’s composition implies the
extent of age homophily in a network.
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Apart from age homophilic networks induced by struc-
tural and institutional environments, scholars have also pre-
sented mechanisms that explain the emergence of age ho-
mophilic networks due to individual choice. For example, a
study in the social network context was able to transfer the
findings of age homophily from the offline world to the online
world, specifically to the social network Myspace (Thelwall,
2009). This finding is interesting because although the inter-
net is known for increasing the diversity of opinions, informa-
tion, and sociodemographic characteristics of the pool of an
individual’s potential contacts, the study shows that people
still choose to connect with similar others (Thelwall, 2009).
Thus, the results of this study suggest that age homophily is
not only induced but also a result of choice.

In addition, scholars have argued that even minor age
differences can lead to significant differences in individu-
als’ interests (Smith et al., 2014), suggesting that individuals
choose to interact with other individuals who are similar in
age based on shared interests. This finding is consistent with
studies on age differences and changes in activities, demon-
strating a shift in activities as people age due to changes in
individual preferences, abilities, and constraints (Verbrugge,
Gruber-Baldini, & Fozard, 1996). This idea also seems plausi-
ble in the context of online resource acquisition. It is conceiv-
able that individuals of a similar age share similar interests.
Therefore, an investor might be particularly attracted to the
product or service of an entrepreneur of similar age because
they both share the same interests, possibly reflected in the
product or service.

In addition, the theories of social identity (Tajfel, 1974)
and self-categorization (Turner, Hogg, Oakes, Reicher, &
Wetherell, 1987) provide a possible explanation for the in-
vestors’ age-homophilic behavior. The process of classifying
individuals into similar others (in-group members) and dis-
similar others (out-group members) is a basic psychological
process rooted in the desire to increase self-esteem. Thereby
individuals tend to exhibit a bias in favor of members of their
group (Avery, McKay, & Wilson, 2007). This categorization
of others and oneself and associating values with the vari-
ous social categories (Tajfel, 1974; Turner & Oakes, 1986)
is related to the goal of individuals to maintain persistent
identities (Steele, 1988), which explains why individuals
tend to positively value similar individuals over dissimilar
individuals (Goldberg, 2005). Please note that the above
paragraph considers the theories therein in light of the so-
ciodemographic dimension age. However, these theories
can, in principle, explain the behavior in terms of a variety
of different demographic attributes defining individuals, as
according to those theories, individuals classify others and
themselves based on various dimensions such as age, gender,
or race (Avery et al., 2007). Therefore, I will also refer to
what is presented here in the following chapters to explain
possible outcomes in other dimensions.

Consistent with this line of reasoning, the framework of
relational demography (Tsui & Gutek, 1999; Tsui & O'reilly,
1989) argues that individuals act more favorably in environ-
ments with a higher number of in-group members in terms

of demographic characteristics like age. Thus, similarity
in demographic characteristics increases perceived similar-
ity in experiences and values, thus promoting coherence
and identification among in-group members (Mehra, Kil-
duff, & Brass, 1998). Additionally, the similarity-attraction
paradigm (Byrne, 1971), closely related to the social identity
theory, should also briefly be mentioned here. This paradigm
argues that similar individuals are attracted and experience
positive outcomes in interaction and association (Goldberg,
2005).

Similarly, it seems plausible that investors in online re-
source acquisition tend to support entrepreneurs of similar
age, both because of shared interests, possibly leading to a
high commonality of interest in the funded project, and be-
cause of self-categorization and social identity. Therefore, I
propose:

Hypothesis 1 (H1): Contributions to entrepreneurs
with a similar age as the investor occur more fre-
quently than we would expect if investors chose
projects for contribution at random (baseline).

2.3.2. Sex and Gender

As already mentioned, an initial study on homophily in
the context of crowdfunding was able to show that women
choose to support each other (Greenberg & Mollick, 2017).
In this context, a vital driver of the favored behavior re-
garding similar individuals is the basic principle of choice
homophily, which states that individuals, on average, have
a positive affection for common characteristics (Huston
& Levinger, 1978; Ingram & Morris, 2007; Lazarsfeld &
Merton, 1954; Verbrugge, 1977). Scholars propose dif-
ferent drivers of choice homophily in this context, where
these drivers include, among others, trust and ease of com-
munication (Kossinets & Watts, 2009; Wimmer & Lewis,
2010). However, please note that the principle of choice
homophily—attraction due to shared characteristics—can
be used to explain the behavior in terms of any sociodemo-
graphic characteristic shared by two individuals (Wimmer &
Lewis, 2010). Thus, the principle of choice homophily rep-
resents a central pillar for explaining the possible behavior
of investors, which I will refer to throughout chapter 2.3.

The preference for shared characteristics, commonly used
to explain the emergence of same-sex ties, is consistent with
what is presented for the theories of social identity and self-
categorization (see chapter 2.3.1). Those theories describe
how individuals classify themselves and others and prefer ties
to in-group members in part to increase self-esteem (Avery et
al., 2007). In the context of increasing self-esteem, another
argument seems plausible to describe the tendency of indi-
viduals to support others of the same gender in the process
of resource acquisition, which is that individuals “seek infor-
mation affirming identification with their in-groups” (Avery
et al., 2007, p. 1543). This argument suggests that individu-
als do not blindly look for similarity, such as in terms of gen-
der, as a basis for engagement but instead look for identity-
affirming similarity (Avery et al., 2007). In short, this means
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that the bias only occurs when the members of the in-group
that are potentially interacted with help maintain and create
a positive impression of that group (Avery et al., 2007). This
argumentation is particularly applicable to resource acquisi-
tion online because, in this context, investors choose to sup-
port entrepreneurs, where the entrepreneur is generally pos-
itively portrayed as an individual who aims to create wealth
and foster innovation (Carland, Hoy, & Carland, 1988).

In addition, the same-gender bias effect (Mobley, 1982)
could provide a possible theoretical explanation for the be-
havior of investors in choosing whom to support or not sup-
port in online venture funding. This principle has shown
that, for example, in an organizational setting, raters rate
members of their gender subgroup higher than members of
other subgroups (Mobley, 1982). Similarly, it is conceivable
that not only in organizational settings but also in online re-
source acquisition, raters (i.e., the investors) tend to value
members of their gender subgroup higher than members of
other subgroups and therefore show a tendency to support
entrepreneurs with whom they share the same gender.

In line with the results expected from the above argumen-
tation, several studies in the context of crowdfunding were
also able to demonstrate that investors show a tendency to
fund entrepreneurs of the same gender (Greenberg & Mol-
lick, 2015, 2017; Groza, Groza, & Barral, 2020; Riggins &
Weber, 2017; Vismara, Benaroio, & Carne, 2017). Thus, in
line with the theories presented above as well as findings
from previous studies, I propose:

Hypothesis 2 (H2): Contributions to entrepreneurs
of the same sex as the investor occur more fre-
quently than we would expect if investors chose
projects for contribution at random (baseline).

2.3.3. Race and Ethnicity

Race and ethnicity undeniably present the most signif-
icant divide in social networks (McPherson et al., 2001).
Thereby, research has demonstrated significant racial ho-
mophily in a variety of relationships ranging from school
friendships (Shrum, Cheek Jr, & MacD, 1988) and work re-
lations (Ibarra, 1995; Lincoln & Miller, 1979) to the close
bond of marriage (Kalmijn, 1998). It should also be noted
that race and ethnicity are among the sociodemographic
characteristics that lead to the highest levels of choice ho-
mophily (McPherson et al., 2001). For example, a study of
interracial friendships in secondary schools found that cross-
racial friendships were only one-sixth as likely as choosing a
same-race friend (Hallinan & Williams, 1989).

Particularly relevant in the context of resource acquisi-
tion online are findings that show that anxiety among mem-
bers of the racial majority increases when the proportion of
racial minorities in the group increases (Stephan & Stephan,
1985). This change in the group composition was shown to
cause members of the majority group to experience a threat
to their superior status (Abrams & Hogg, 2006; Tajfel, 1974).
While the white population has historically been the majority
group in the startup funding process, online resource acquisi-

tion platforms—such as crowdfunding—democratize access
to venture funding (see chapter 2.2) and thus increase the
proportion of racial minorities. As a result, this change could
lead to a perceived threat to the formerly mighty group of
white individuals, explaining why white investors could con-
tinue to show a tendency to support white entrepreneurs.
However, these findings only illustrate why homophily might
occur among majority group members in venture funding,
i.e., the white population historically. This does not provide a
possible reason for homophily in the dimension race and eth-
nicity in general. In this light, it is also important to mention
a study on racial discrimination in crowdfunding, showing
that black entrepreneurs are discriminated against (Younkin
& Kuppuswamy, 2018), which also only distinguishes be-
tween the white population (majority group) and the black
population (minority group). However, a broader analysis is
required since there are various races besides only white or
black individuals. Therefore, the following section explains
why it is conceivable that homophily occurs in general in the
dimension race.

Just as for the two sociodemographic characteristics
presented in the previous chapters, the theories of self-
categorization and social identity (see chapter 2.3.1) could
explain the decision-making behavior in online resource ac-
quisition with respect to the dimension race and ethnicity. As
explained earlier, individuals classify themselves and others
into in-group and out-group members. Furthermore, due to
the desire to increase their self-esteem, they tend to react
negatively to threats to their social identity, such as discrim-
ination (Avery et al., 2007). This concept seems plausible to
also explain why homophily effects might occur with respect
to race and ethnicity. According to this concept, investors
tend to support projects from entrepreneurs of the same race
to prevent discrimination against their race and thus reduce
threats to their social identity.

The principle of choice homophily, where individuals
choose to interact with similar others solely based on dyadic
similarity (Greenberg & Mollick, 2017; Kossinets & Watts,
2009; McPherson & Smith-Lovin, 1987), furthermore pro-
vides a general explanation for why investors could support
entrepreneurs of the same race in crowdfunding. The idea of
choice homophily is further supported by interesting results
of several studies showing that people generally recognize
faces of their race better than faces of other races (Brigham
& Barkowitz, 1978; Malpass & Kravitz, 1969). This same-
race bias seems especially relevant in crowdfunding. In this
context, it is conceivable that an investor easily recognizes
an entrepreneur of the same race based on the profile pic-
ture and might therefore, in line with the concept of choice
homophily, choose to support the project of an entrepreneur
with the same race over the project of an entrepreneur with
a different race.

Furthermore, a first study in the crowdfunding context
was able to demonstrate racial homophily as investors tend
to fund projects from entrepreneurs in the same racial group
(Dahlin, Rhue, & Clark, 2019). Thus, according to the theo-
ries presented above as well as in line with previous findings,
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I propose:

Hypothesis 3 (H3): Contributions to entrepreneurs
of the same race as the investor occur more fre-
quently than we would expect if investors chose
projects for contribution at random (baseline).

2.3.4. Occupation

Contrary to what has been presented for the previous
dimensions, the literature provides arguments opposing the
idea of homophily in the dimension occupation, suggesting
that investors might notably not support entrepreneurs in
the same industry as they are active in. In this context, it
is worth mentioning the concept of intragroup competition
(Deutsch, 1949; Goldman et al., 1977), which describes how
competition arises within a group caused by perceived con-
flicting goals among the members of the same group. While
the concept has previously been used, for example, to ex-
plain how members of an organizational department com-
pete for the largest share of a fixed annual budget (Gold-
man et al., 1977), it also seems appropriate for explaining
the behavior of those investors in online resource acquisition
who are entrepreneurs themselves. In this context, it seems
conceivable that individuals who have themselves launched
a campaign on the platform might not want to invest in cam-
paigns within their industry (intragroup), as they might as-
sume that this would reduce the probability of success of
their campaign. This seems plausible as investors are gen-
erally influenced by the amount of funding that has already
been pledged to a project (Kuppuswamy & Bayus, 2018).
Thus, the entrepreneur-investor might assume that funding
the project of another (potentially competing) entrepreneur
in the same industry could make other investors prefer the
competitor’s campaign, as they could be influenced by the
potentially higher sum already pledged to the competitor’s
project. Ultimately, this could lead entrepreneur-investors
not to support projects of other entrepreneurs operating in
the same industry so as not to promote competition with re-
spect to their own projects.

However, this is countered by the extensive literature on
homophily. According to McPherson et al. (2001), significant
homophily has been found in the past for the dimension occu-
pation. For example, in a study in the context of adult friend-
ship choice, similarity in profession was almost equally im-
portant and influenced the formation of a tie almost as much
as sharing the same gender (Verbrugge, 1977). The sociolog-
ical finding that individuals choose friends with a similar oc-
cupation more often than chance would suggest is explained
in part by the principle of status similarity. In this context,
a similar social position, for example, in terms of occupa-
tion, is valuable because this indicates similar experiences
and viewpoints (Verbrugge, 1977). While the previous study
examined choices based on similarities in occupation in the
friendship context, the logic also seems conceivable in online
resource acquisition, as scholars argue that shared experi-
ences and viewpoints also exist in this context. Thereby, espe-
cially in crowdfunding, investors often act as campaign cre-

ators themselves and can therefore relate to the challenges of
their peers, which argues for comradery among this group of
people (Colombo, Franzoni, & Rossi-Lamastra, 2015; Groza
etal., 2020). In this light, the concept of social capital, gener-
ally defined as “the sum of the actual and potential resources
embedded within, available through, and derived from the
network of relationships possessed by an individual or so-
cial unit” (Nahapiet & Ghoshal, 1998, p. 243), is used to
explain why investors who are entrepreneurs themselves in
general tend to support other entrepreneurs in online venture
funding. Social capital includes both the network and the
resources mobilized through that network (Bourdieu, 1986)
and describes, for example, how shared values and under-
standings enable individuals to trust each other and thus to
cooperate (Nahapiet & Ghoshal, 1998). In this regard, schol-
ars argue for the importance of internal social capital—that
is, the contacts established within the crowdfunding platform
(Colombo et al., 2015). They argue for a perceived obligation
of the entrepreneur to give back to those who helped fund the
campaign (specific reciprocity) and a perceived duty to sup-
port other campaigns because entrepreneurs are grateful to
have received funding in the past (generalized reciprocity).
Consistent with this, Colombo et al. (2015) show that in-
vestors who are entrepreneurs themselves generally tend to
support other entrepreneurs in crowdfunding because they
share common challenges, experiences, and a sense of mu-
tual identification.

However, this sense of mutual identification and shared
experiences is not limited to the high-level entrepreneur-to-
entrepreneur relationship. It is also expected to occur one
level deeper in the industry-to-industry relationship, imply-
ing that not only do entrepreneurs support each other but
that positive homophily effects are also expected between
entrepreneurs in the same industry, such as the technology
sector. Consistent with the shared values and experiences
presented in the social capital literature, this argumentation
is further supported by a study in the venture capital context,
which shows that industry specialization of the venture cap-
italists leads to better expertise and thus better investments
(Gompers, Kovner, & Lerner, 2009). Since investors do not
want to invest in projects that fail, and because of similar ex-
periences and viewpoints, it seems plausible that also in the
context of resource acquisition online, investors will invest
in campaigns from entrepreneurs that are active in the same
industry as themselves.

Consistent with the above argumentation, an initial study
in the context of online resource acquisition, specifically
crowdlending, was able to show that lenders tend to support
projects in the same industry as they are active in (Riggins &
Weber, 2017). Thus, following the theories presented above
as well as the principle of choice homophily—association
due to shared characteristics—I propose:

Hypothesis 4 (H4): Contributions to entrepreneurs
with the same occupation as the investor oc-
cur more frequently than contributions to en-
trepreneurs with a different occupation than the
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investor.

2.3.5. Location

While all four characteristics presented in chapters 2.3.1
to 2.3.4 are attributed in the literature to the sociode-
mographic dimensions of homophily that stratify society
(McPherson et al., 2001), location is often referred to less as
a dimension and more as a source of homophily in the main-
stream literature (McPherson et al., 2001). The main reason
why geography is considered a source of homophily in the
traditional sociological literature is that individuals are sim-
ply more likely to interact with individuals who are spatially
closer than with individuals who are further away (McPher-
son et al., 2001). This finding at the same time indicates a
high degree of induced homophily with respect to this de-
mographic attribute. In line with this, one study argues, for
example, that personal networks are local, suggesting that
local contacts are an essential source of routine interactions
(Wellman, 1996). This argumentation provides a plausible
explanation for traditional sociological research, primarily
concerned with forming ties in face-to-face scenarios, with
residence inducing a particular frame of possible contacts.
In the context of online resource acquisition, however, the
situation is fundamentally different, as it is suitable to break
the limitation of space. In this case, the geographic location
does not seem to be a source of homophily in the traditional
sense, as the use of digital platforms removes the direct influ-
ence of location on the likelihood of two people interacting.
Thus, the location of an individual does not induce the set
of possible connections in the online funding process and
therefore allows to solely focus on choice homophily with
regard to the geographic location. Therefore, it is relevant to
investigate whether the location impacts the investors’ choice
regarding whom to fund. Thus, location is not considered a
source but rather a dimension of homophily in my study.

It seems plausible that investors might show homophilous
behavior towards entrepreneurs whom they are geographi-
cally close to, based on the concept of local bias, which states
that investors tend to invest in geographically close compa-
nies (Coval & Moskowitz, 1999). Researchers have identified
several reasons why investors choose to invest in companies
that are close to them. These reasons include, for example,
more accessible information about nearby companies, with
investors obtaining information from local media or even
from local relationships with people from nearby companies
(Coval & Moskowitz, 1999, 2001). Other reasons for geo-
graphically proximate investments mentioned by scholars are
more psychological, such as a desire to fund the local com-
munity (Coval & Moskowitz, 1999) or investors simply feel-
ing more comfortable about local firms (Coval & Moskowitz,
1999; Huberman, 2001).

In the past, several studies have shown that the local bias
is present in different organizational contexts. For exam-
ple, studies examining the influence of distance on portfolio
choice showed that fund managers in the United States pre-
fer stocks of companies located nearby (Coval & Moskowitz,
1999, 2001). Moreover, consistent with previous findings,

an entrepreneurial finance study also showed that venture
capital firms exhibit a significant local bias (Cumming & Dai,
2010). Likewise, it seems plausible that geographic proxim-
ity is relevant not only in the corporate context but also for
private investors, such as in crowdfunding.

In line with this argumentation, the home bias phe-
nomenon, being closely related to local bias, provides further
theoretical explanations why investors in online resource ac-
quisition could tend to invest in entrepreneurs whom they
are geographically close to. The home bias describes a phe-
nomenon where transactions are conducted among geo-
graphically close parties, for example in the same country
or state (Lin & Viswanathan, 2016). While home bias has
frequently been studied in offline contexts, a study in the con-
text of online auction sites, such as eBay, was able to show
that transactions are still more likely to happen between
sellers and buyers who are geographically close (Hortacsu,
Martinez-Jerez, & Douglas, 2009). Even though those mar-
ketplaces are online, the authors argue that the geographic
location is still influential due to location-specific goods like
event tickets, shipping charges, or the possibility of direct
contract enforcement in case of breach (Hortacsu et al.,
2009).

The results from the studies mentioned above have also
been proven in online venture funding, where studies have
shown that also in crowdfunding, backers tend to invest lo-
cally (Giudici, Guerini, & Rossi-Lamastra, 2018; Guo, Guo,
Wang, Wang, & Wu, 2018; Lin & Viswanathan, 2016). There-
fore, in line with the above argumentation as well as previous
findings, I propose:

Hypothesis 5 (H5): Contributions to entrepreneurs
with a similar location as the investor occur more
frequently than we would expect if investors chose
projects for contribution at random (baseline).

3. Data and Methods

The following chapter provides a description of the data
and methods used throughout my analyses. The chapter
starts with a brief introduction to the setting of this study
(see chapter 3.1), followed by an introduction to the sample,
including an explanation of the data collection process (see
chapter 3.2). Subsequently, the various variables used in this
study are presented (see chapter 3.3). Finally, this chapter
ends with the sample’s descriptive statistics (see chapter 3.4)
and an outline of the statistical methods used in my analyses
(see chapter 3.5).

3.1. Setting

To analyze homophily, I selected the crowdfunding plat-
form Indiegogo as the setting of this study. Indiegogo is
the second-largest crowdfunding platform after Kickstarter.
It belongs to the group of reward-based crowdfunding plat-
forms, where investors receive a reward in return for backing
a project with a certain amount of money (Mollick, 2014).
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Examples of these rewards—also referred to as perks on In-
diegogo—include early access to products, the possibility to
meet the project creators, or being credited in the supported
project (Mollick, 2014).

Founded in 2008 with the mission to empower people
to support ideas that matter to them and collectively make
those ideas come to life, Indiegogo, with its community of
over nine million backers from about 235 countries, has
already helped to realize over 800,000 innovative projects
(Indiegogo, 2021a). Today, roughly 19,000 campaigns are
launched on Indiegogo every month, and about ten million
people from all over the world visit the platform during the
same time. It is interesting to note that on Indiegogo, women
launch 47% of the campaigns exceeding their funding target,
which points towards a democratization of the funding pro-
cess. In line with what has already been presented in chapter
2.2 for crowdfunding platforms in general, Indiegogo as one
of those platforms offers the perfect setting to study biases in
the choice and decision-making of investors—i.e., choice ho-
mophily, the focus of my study. That is because thousands of
projects in various categories are offered on Indiegogo as po-
tential investment opportunities for backers from all over the
world, where those backers in principle could choose from
every possible project, thus lessening induced homophily to
a minimum.

In principle, the idea of Indiegogo can be explained as
follows. Indiegogo offers a comprehensive platform for en-
trepreneurs to make their projects available to a large set of
potential investors. In return, Indiegogo charges a five per-
cent platform fee on the actual funds raised for the campaign
(Indiegogo, 2021d). Entrepreneurs can choose between a
fixed funding model (all-or-nothing) or a flexible funding
model (keep-what-you-raise). The fixed funding model is
used mainly for projects where a strict threshold must be met
to realize the project (such as typically in manufacturing).
All contributions are returned to the investors if the project
does not meet its goal. On the other hand, the flexible fund-
ing model, where the entrepreneurs receive all contributions
even if the campaign goal was not met, is better suited for
projects where no strict minimum financing is required to re-
alize the project. Furthermore, in principle, a campaign on
Indiegogo can run for up to 60 days. However, Indiegogo
advises a campaign duration of about 40 days, amongst oth-
ers, for reasons of momentum, engagement, and urgency (In-
diegogo, 2021b).

Furthermore, each campaign is assigned to a specific cat-
egory on Indiegogo. In principle, projects are classified ac-
cording to the three top-level categories Tech & Innovation,
Creative Works, and Community Projects (Indiegogo, 2021c).
Each of the three top-level categories comprises a group of
more detailed categories. For example, the top-level cate-
gory Tech & Innovation includes categories such as Phones
& Accessories, Transportation, Home, or Productivity. The
top-level category Creative Works contains categories such as
Art, Music, or Video Games. Appendix 1 includes a detailed
overview of all Indiegogo categories and their allocation to
the corresponding top-level categories. Please note that in

the following, I will use the term ‘top-level categories’ when
talking about Tech & Innovation, Creative Works, and Com-
munity Projects, and I will use the term ‘categories’ when
talking about the more detailed categories.

The individuals who are funding projects on the plat-
form are commonly referred to as backers on Indiegogo (In-
diegogo, 2021a). When describing the results from my quan-
titative study, I will refer to this group of people as backers or
investors. The individuals requesting funds are commonly re-
ferred to as entrepreneurs on Indiegogo (Indiegogo, 2021a).
When describing the results from my analyses, I will refer to
this group of people as entrepreneurs or founders.

3.2. Sample

I created a unique portfolio of investments made by back-
ers on the crowdfunding platform Indiegogo. The over-
all dataset consists of 3,509,077 investments into projects
launched between January 2008 and February 2021. Those
investments were made by 1,202,233 backers who in-
vested in 171,116 different projects initiated by 147,780
entrepreneurs.

Each observation in my dataset—representing one invest-
ment made by one backer—consists of three sections in terms
of content. The first section contains various personal infor-
mation about the backer, such as the name, location, pro-
file picture, personal description, and links to connected so-
cial networks. The second section contains various informa-
tion about the campaign funded, including the category, the
amount of funding, the duration of the project, and informa-
tion about the number of investors, comments, and updates
of the project. Finally, the third section contains—similar as
for the backer—personal information about the entrepreneur
who launched the funded campaign. Therefore, each obser-
vation in my dataset represents one dyad, that is, one backer-
to-entrepreneur relationship.

I obtained the complete contribution history for all back-
ers in my dataset between January and March 2021. The
data collection process can be described as follows. From
an initial set of projects launched on Indiegogo, I extracted
the unique identifiers (IDs) of all backers who funded those
projects using a self-built Python script. This list of roughly
1.2 million different backers represents the actual start of
my data collection process. For this purpose, I built a web
crawler to collect the portfolios of the individual backers, in-
cluding all information needed to study the five dimensions
of homophily introduced throughout chapter 2.3. To develop
my web crawler, I used the open-source framework Scrapy’.
The process of constructing the portfolio of the backers us-
ing my self-built web crawler can be described as follows.
First, using the backer IDs as input, I extracted all available
personal data about the backers from their Indiegogo pro-
file page (e.g., their name and location, as described above).
Second, since Indiegogo profile pages contain not only per-
sonal data about the individual but also the history of their

1Scrapy is a high-level web crawling framework for Python, used for fast
extraction of data from websites (Scrapy, 2021).



M. Klepsch / Junior Management Science 8(1) (2023) 237-269 247

activity on the platform, I extracted all contributions made
by the backers.

Furthermore, from crawling the funding activity of the
backers, I obtained both the IDs of the projects funded and
the IDs of the entrepreneurs who launched the correspond-
ing projects. Using this additional information, I collected
various data about the projects funded (this data includes,
as described above, information about the project category,
the funding duration, and the amount of funding). As the
last part of my data collection process, I used the same web
crawler I already used for the backers for all entrepreneurs
who launched the projects to extract all available personal
data about the entrepreneurs. By merging the various parts,
I finally got to my overall dataset containing about 3.5 mil-
lion investments made on Indiegogo.

Please note that due to differences in data availability, I
created subsamples for my analyses. Those subsamples (i.e.,
subsets of the overall dataset) were created depending on
the availability of the data required for the analysis in the
respective dimension. For example, for the analysis in the di-
mension location, only those observations were considered
for which both the investor and the entrepreneur indicated
a location on their Indiegogo profile page. The same holds
for the other dimensions. For example, only those observa-
tions were included in the sample used to analyze racial ho-
mophily, where a race was identified for both the backer and
the founder. A particular case lies in the creation of the sub-
sample in the dimension occupation. Since the relationship
between investors who are entrepreneurs on Indiegogo them-
selves and the entrepreneurs they fund is examined in this
case, the corresponding sample was limited to all those ob-
servations where the investor has also launched at least one
own campaign. Table 1 shows the number of dyads (# Ob-
servations), the number of unique backers (# Backers), the
number of unique projects (# Projects), as well as the num-
ber of unique founders (# Founders) in the overall dataset as
well as for each of the subsamples used in my analyses.

Furthermore, it should be mentioned that while the sam-
ples from table 1 contain all investments of all backers (and
thus potentially several observations per backer if more than
one investment was made by an investor), the various anal-
yses were performed considering one (aggregated) obser-
vation per investor. This normalization at the backer level
was performed after the calculations required to construct
the dependent variables, where the activities of an individual
backer were aggregated into special measures per dimension
(see chapter 3.3.1). Thus, the sample sizes of my different
models are indicated by the number in the column “# Back-
ers” in table 1. However, please note that the final sample
sizes were reduced again due to the data availability of the
various control variables used in the analyses. Therefore, the
final sample sizes are indicated in the figures of the respective
models throughout chapter 4.

3.3. Variables
This chapter describes the variables used in my analyses.
The chapter starts with a description of the dependent vari-

ables (see chapter 3.3.1), followed by the independent vari-
ables (see chapter 3.3.2). Afterward, the control variables
used in the analyses are presented (see chapter 3.3.3).

3.3.1. Dependent Variables

My basic approach to analyzing homophily in crowdfund-
ing can be summarized as follows. To test for the presence of
homophily, I test for deviations of an investor’s actual back-
ings from the expected backings—describing what portfolio
composition would be expected if the investor chooses ties
randomly; i.e., the baseline. This approach is closely related
to the example of a person rolling a dice several times. If the
die is not loaded (comparable to random choice in my set-
ting), the average of the actual numbers rolled (actual back-
ings) should equal the expected value of the die roll (base-
line). However, suppose the average of all the actual num-
bers rolled significantly deviates from the expected value. In
that case, we could suspect a loaded die (i.e., biased choice
in my context, which, depending on the interaction with the
respective independent variable, indicates homophily).

For further clarification, the approach is now illustrated
using a simplified example of the dimension age (compare
H1). Let us assume that among all investments made in the
crowdfunding universe, the average age of the entrepreneurs
funded is 30 years. This average age represents the simplified
baseline. Let us now consider the portfolio of one fictitious
investor. We expect that the average age of all entrepreneurs
funded by this investor is also around 30 years if ties were
selected randomly (i.e., if homophily would not be present).
Now consider the actual portfolio of this fictitious investor
who has backed three projects in the past. One entrepreneur
funded by the investor is 19 years old, the second is 20 years
old, and the third is 21 years old. Thus, by calculating the
mean age of the entrepreneurs in the investor’s actual back-
ings, we find that the actual average age of the entrepreneurs
funded by the investor is only 20 years. Comparing both
numbers indicate a deviation of the backer’s actual portfolio
from the expected portfolio, whereby the investor, on aver-
age, supports younger entrepreneurs than chance would sug-
gest. Depending on whether the backer is younger or older
himself, we could ultimately argue for or against homophily.

Therefore, in general, two measures are necessary to con-
struct the dependent variables, which denote the deviation of
a backer’s actual investments from the baseline. One is the
actual backings of an investor, and the other is the expected
backings, that is, the baseline. The baseline denotes the ex-
pected portfolio of an investor depending on the categories
of the projects funded by an investor. The actual backings,
on the other hand, represent the actual portfolio of a backer.
Thereby, a portfolio contains all investments that an investor
has made at the time of the data collection. However, there
are slight differences in the type and measurement of the de-
pendent variables, depending on the particular hypothesis
of my study considered. The following section thus begins
with the description of the dependent variable for the anal-
ysis in the dimension age (H1), followed by the dependent
variables for the dimensions sex (H2), as well as race (H3).
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Table 1: Overview of the overall dataset and different subsamples

Source: Own illustration

Sample # Observations  # Backers # Projects # Founders
Overall 3,509,077 1,202,233 171,116 147,780
Sex (DeepFace) 8,337 3,563 4,315 3,845
Sex (Genderize.io) 2,423,919 945,651 151,364 130,949
Age 8,337 3,563 4,315 3,845
Race 8,337 3,563 4,315 3,845
Location 401,967 109,241 51,771 44,242
Occupation 104,590 27,920 50,250 44,701

Subsequently, the dependent variables for the dimension lo-
cation (H5) are presented. Please note that the construction
of the dependent variable in the dimension occupation (H4)
differs from the above-mentioned procedure and is therefore
explained at the end of this section.

Age deviance

For the dimension age (H1), the deviation of the actual port-
folio of a backer from the expected portfolio is measured
using a continuous dependent variable that reflects the ex-
tent of deviation (i.e., the delta) of the actual portfolio from
the baseline. Thus, the continuous dependent variable (Age
deviance) measures the extent to which the actual average
age of the entrepreneurs in an investors’ portfolio deviates
from the expected average age of the entrepreneurs (the
baseline)?. However, it should be noted that the baseline
is not calculated simply based on all investments in the en-
tire universe (as in the simplified example mentioned at the
beginning of this chapter). Instead, the baseline is refined
considering differences in the age of the entrepreneurs de-
pending on the categories of the campaigns funded by an
individual investor. This refinement is necessary because the
distribution of entrepreneur characteristics differs across the
different categories in which a project can be launched on In-
diegogo. As shown in Appendix 5, the average age of the en-
trepreneurs funded in Energy & Greentech is almost 40 years.
In comparison, the average age of entrepreneurs in the cat-
egory Fashion & Wearables is only 29 years. Thus, to con-
struct a baseline that reflects random choice as realistically
as possible, it is necessary to calculate the baseline not only
based on the average age of all entrepreneurs in the sam-
ple but to refine it depending on the average age of the en-
trepreneurs in the categories funded by the backer. Using
my dataset, which includes the profile pictures of the en-
trepreneurs scraped from their Indiegogo account, I used the
Python framework DeepFace® to estimate the age of the en-
trepreneurs based on their profile pictures.

2The value of the dependent variable Age deviance is negative if the ac-
tual average age of the entrepreneurs in a portfolio is below the expected
average age for the portfolio (indicating that the investor supports younger
en-trepreneurs than expected) and vice versa.

3DeepFace is a lightweight face recognition and facial attribute analysis
framework for Python. The facial attribute analysis allows to determine the
age (in integers), sex (female or male) and race (black, white, Asian, Mid-

Sex deviance and Race deviance

In the dimension sex (H2), the deviation of the actual portfo-
lio of a backer from the expected portfolio is measured using
a dummy variable (Sex deviance) to denote whether the ac-
tual share of the female sex in an investor’s portfolio is above
the expected share. The dependent variable is coded as 1
if the share of backings into female entrepreneurs is above
the baseline and O otherwise. Something similar but slightly
modified also applies to the dimension race (H3). In this di-
mension, I use a categorical variable (Race deviance), which
I operationalize via six dummy variables—i.e., one dummy
per race—to denote the deviation of a backer’s actual portfo-
lio from the baseline. The respective dummy is coded as 1 if
an investor’s actual share of backings into a particular racial
group (such as black entrepreneurs) is above the expected
value and O otherwise.

In both cases, the actual share of backings per group is
measured as the relative frequency of a particular group of
entrepreneurs (e.g., female or black entrepreneurs) among
all investments of a backer. On the other hand, the baseline
describes the expected share of backings per group, consid-
ering the differences among the various categories funded by
an individual backer. Refining the baseline again makes sense
because, as seen in Appendix 5, 32% of all backings in the cat-
egory Wellness are pledged to female entrepreneurs. In com-
parison, only 3% of all investments in the category Productiv-
ity are received by female entrepreneurs. The same holds for
the dimension race, where, for example, Asian entrepreneurs
receive 19% of all investments in the category Phones & Ac-
cessories. In comparison, Asian entrepreneurs receive only
3% of all backings in the category Comics. Just as for the
dimension age, I used the Python framework DeepFace to es-
timate both the sex and the race of the entrepreneurs based
on their Indiegogo profile pictures. Additionally, I used the
tool genderize.io* to determine the sex of the entrepreneurs
based on their first names.

dle Eastern, Indian and Latino Hispanic) of an individual (Python Package
Index, 2021a).

4Genderize.io is a tool to determine the sex (female or male) of a per-
son given their first name. The tool offers an easy integration for all major
languages—such as Python—and compares names with a database of more
than 80.000 distinct names to determine the sex of an individual (Gender-
ize.io, 2021).
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Actual average distance and Expected average distance (base-
line)

Despite using ‘deviance’ as the dependent variable in the pre-
vious dimensions, I use the two measures Actual average dis-
tance and Expected average distance (baseline) as the depen-
dent variables in the dimension location (H5), to determine
whether investors choose ties randomly or tend to invest in
geographically close entrepreneurs. Thereby, comparable to
what has already been presented above, the actual average
distance denotes the average distance between an investor
and all the entrepreneurs in the investor’s portfolio, and the
baseline reflects the expected average distance between an
investor and the entrepreneurs, depending on the categories
of the projects funded by the investor. Just as for the pre-
vious dimensions, refining the baseline considering the dif-
ferences in the various categories supported by an investor
makes sense. That is because Appendix 5 indicates that the
average distance between backers and entrepreneurs in the
category Phones & Accessories is about 6,756 kilometers. In
comparison, the average distance between backers and en-
trepreneurs in the category Dance & Theater is only about
1,093 kilometers. To calculate the distances between the
backers and entrepreneurs, I first converted the locations of
all individuals (which I collected from the Indiegogo profile
pages of the backers and founders) into geographic coordi-
nates using the Python framework geopy’. Afterward, based
on those coordinates, I calculated each dyad’s distance (in
kilometers) using the Haversine formula®.

Funded occupation

Finally, it is worth mentioning a difference in the construc-
tion of the dependent variable used to analyze homophily in
the dimension occupation (H4). While comparing the actual
backings to the expected backings in the dependent variables
of the previous dimensions, in this dimension it suffices to
determine the top-level project category which was funded
most frequently by a backer. Hence, I use a categorical de-
pendent variable (Funded occupation), which I operationalize
via three dummy variables—one dummy per top-level cate-
gory—to denote the category in which a backer invests most
frequently. The respective dummy is coded as 1 if this is the
top-level category the investor invests most often into and 0
otherwise. For example, an investor has made five invest-
ments in the past, three in projects from the top-level cate-
gory Tech & Innovation and two in projects from the top-level
category Creative Works. The dependent variable would thus
denote that the backer invests primarily into campaigns as-
signed to the top-level category Tech & Innovation, such that
the respective dummy is coded as 1 and the other dummies
are coded as 0. If no category was uniquely identified as most
frequent among the backings of an investor, the backer was
removed as an observation from the sample.

5Geopy is a Python framework for several popular geocoding services.
The framework allows to locate the coor-dinates of addresses, cities, and
countries across the globe (Python Package Index, 2021b).

6The haversine formula is used to calculate the distance between two
points on Earth using their latitude and longitude (Python Package Index,
2021c).

3.3.2. Independent Variables

The various sociodemographic characteristics of the in-
vestors make up the key independent variables of my analy-
ses.

Backer age

Since the profile pages on Indiegogo do not include infor-
mation about an individual’s birthday, I also used the facial
attribute analysis tool DeepFace to infer the age of the back-
ers from their Indiegogo profile pictures. Thus, to determine
whether possible deviations in the investor’s actual portfolio
from the expected portfolio are due to the investor’s prefer-
ence for similar-age dyads, I use the independent variable
(Backer age) to denote the age estimate of the investors in
whole years.

Backer sex

I also derived data on the sex of the backers by analyzing their
profile pictures, using the Python framework DeepFace. Ad-
ditionally, as for the corresponding dependent variable, I also
determined the sex of the investors using the genderize.io
tool by algorithmically comparing their first names to the
names from the genderize.io database. Thus, to test whether
possible deviations in the actual backer portfolio from the
baseline are due to a preference for same-sex dyads, I use
an independent dummy variable (Backer sex) to indicate the
sex estimate, where male represents the omitted baseline sex.
Thus, the variable is coded as 1 if the investor is female and
0 otherwise.

Backer race

Just as for the previous independent variables, I also derived
data on the race of the backers by analyzing their Indiegogo
profile pictures using the Python framework DeepFace. I use
a categorical independent variable (Backer race), which I op-
erationalize via multiple dummy variables to denote an in-
vestor’s estimated belonging to a particular racial group (i.e.,
black, white, Asian, Indian, Middle Eastern, or Latino His-
panic). The respective dummy is coded as 1 if the backer
belongs to the specific racial group and O otherwise, where
in general, white represents the omitted baseline race. How-
ever, please note that this differs for the various models to test
for racial homophily (H3), where the white race, depending
on the model, is also part of the analysis.

Backer occupation

To test whether investors show a tendency to fund projects
from entrepreneurs with the same occupation as themselves
(approximated by the top-level category in my study), I use
a categorical independent variable (Backer occupation). This
variable denotes the top-level category in which the backer is
mainly active, i.e., the top-level category in which the backer
has launched most own campaigns. For example, suppose a
backer has launched three campaigns. Two in Tech & Inno-
vation and one in Creative Works. In that case, the indepen-
dent variable Backer occupation denotes that Tech & Inno-
vation is the category in which the backer mainly launches
own campaigns. I used the data about all backers in my
dataset who eventually became entrepreneurs on Indiegogo
(i.e., those backers who have also launched at least one cam-
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paign) to determine the top-level categories in which those
entrepreneur-backers started most of their projects. Like for
the corresponding dependent variable, those backers were
removed from the sample, where no category was identified
as most frequent among the campaigns they launched.

3.3.3. Control Variables

Following what prior research in the context of online re-
source acquisition presented as influential concerning the en-
trepreneurs in crowdfunding, I include several backer-related
variables in my analysis to control for differences in their
experience and the quality of the backer profiles. Addition-
ally, my study also controls for the influence of the categories
funded by the backers and their sociodemographic character-
istics such as age, sex, and race.

First, I control for backer experience with several discrete
variables. Following previous studies in the context of crowd-
funding (see Groza et al. (2020); Taeuscher, Bouncken, and
Pesch (2020); Tan and Reddy (2021)), I control for backer
experience by measuring the number of investments made
by a backer on Indiegogo (Number of contributions). In ad-
dition, I control for the number of projects launched by the
backer (Number of own projects), to control for differences
in crowdfunding experience (compare Allison, Davis, Webb,
and Short (2017); Cornelius and Gokpinar (2020); Soubliére
and Gehman (2020); Taeuscher et al. (2020); Tan and Reddy
(2021)). Finally, I control for the number of comments a
backer has made on the platform (Number of comments) to
account for differences in platform activity.

Second, I use several control variables to account for dif-
ferences in the quality of the backer profiles. Because users
can link their Facebook account to Indiegogo, it is possible to
determine the number of friends of an individual. Thus, [ use
a discrete variable to denote the number of Facebook friends
of a backer (Number of FBF), which has previously been used
as a potential indicator of the size of an individual’s network
(exemplary see Anglin, Wolfe, Short, McKenny, and Pidduck
(2018); Mollick (2014); Younkin and Kuppuswamy (2018)).
Similar to previous studies focusing on the campaign and en-
trepreneur (see Davis, Hmieleski, Webb, and Coombs (2017);
Taeuscher et al. (2020); Younkin and Kuppuswamy (2018)),
I control for the quality of the backer profiles using a discrete
variable that reflects the number of words a backer uses on
the profile page (Profile word count). This measure indicates
the differences that backers put into creating and maintain-
ing their Indiegogo profile page.

Furthermore, I use a dummy variable to control for the
account quality of the backers, indicating whether the In-
diegogo account of a backer is verified (Profile verified),
where the dummy variable is coded as 1 if the account is
verified through at least one channel, such as email, and 0
otherwise. Also, comparable to what Scheaf et al. (2018) did
at the entrepreneur level, I use dummies to indicate whether
a backer has its Facebook account connected to Indiegogo
(Facebook connected) and whether a backer has its Twitter
account linked (Twitter connected). For both variables, the

dummy is coded as 1 if the backer has the respective account
connected and O otherwise.

Third, as already explained, projects on Indiegogo are
classified according to different categories.  Consistent
with previous research (see Allison et al. (2017); Cornelius
and Gokpinar (2020); Oo, Allison, Sahaym, and Juasrikul
(2019); Taeuscher et al. (2020)) and to control for het-
erogeneity across the various categories, I control for the
category in which the backer invests most often. Hence, I in-
clude a categorical control variable (Main category funded) to
denote the category the backer supports most often. Please
note that the dependent variable Funded occupation (which
is used for the analysis in the dimension occupation—see
chapter 3.3.1) in principle measures the same. It does so,
however, at the top-level category layer. The control vari-
able Main category funded, on the other hand, controls at the
more granular category layer and is not used in the models
to analyze the dimension occupation. Those backers where
no category was identified as most frequent among their
investments were removed from the sample.

Finally, the respective sociodemographic characteristics
used as independent variables (i.e., the age, sex, and race
of the backer—see chapter 3.3.2) are vice versa also used as
control variables.

3.4. Descriptive Statistics

To provide a comprehensive overview of the dataset, the
chapter is structured as follows. First, I present the descrip-
tive statistics based on the overall dataset of roughly 3.5 mil-
lion backings. This includes, among others, the correlation
matrix of the various variables used in my analyses, as well
as the baseline table containing the different entrepreneur
characteristics per Indiegogo category (which I calculated
and used to determine the expected backer portfolios in my
analyses). Next follow some descriptive statistics regarding
the set of unique backers in my dataset (including, for ex-
ample, the distribution of sex and race among the backers
as well as additional summary statistics). Afterward, the set
of unique entrepreneurs in the dataset is briefly described as
well. Fourth, I provide a superficial description of the indi-
vidual campaigns in my dataset, which mainly provides a first
impression about the projects funded, including the amounts
of money pledged, the project duration, and the like. Finally,
and particularly relevant for the analysis in the dimension oc-
cupation, this chapter ends with a brief description of specif-
ically those backers who themselves act as entrepreneurs on
Indiegogo.

Appendix 2 includes the correlation matrix based on the
overall dataset, covering the numerical and dummy variables
used in my regression models and provides an overview of
the interactions between the various variables. Furthermore,
Appendix 3 includes the summary statistics of those variables
based on the overall dataset. The statistics show, for exam-
ple, that among all investments, the average age of the back-
ers is almost 32 years, and the average distance between an
investor and the entrepreneurs funded is about 5,045 kilome-
ters. Additionally, table 2 contains an overview of the distri-



M. Klepsch / Junior Management Science 8(1) (2023) 237-269 251

bution of sex and race among the backers and entrepreneurs
based on all investments.

The table shows that female investors make about 28%
of all backings (considering the numbers from genderize.io).
On the other side of the dyad, female entrepreneurs receive
roughly 22% of all investments (considering the numbers
from genderize.io). Furthermore, most investments are
made by white backers, making up 68% of all backings.
Likewise, white entrepreneurs receive most investments, ac-
counting for 73% of all investments on the receiver side.
However, please note that the N for the various tables in this
chapter varies depending on whether the specific character-
istics were identified for the individuals.

In addition, Appendix 4 provides an overview of the dis-
tribution of the roughly 3.5 million investments across the
different categories on Indiegogo. Thereby, most backings
are pledged to campaigns assigned to the category Film (16%
of all investments), followed by Phones & Accessories (12%
of all investments), and Health & Fitness (7% of all invest-
ments), with two of those most frequently funded categories
belonging to the top-level category Tech & Innovation. In
the context of different categories, it is worth mentioning
the table I calculated and used to determine the different
baselines (i.e., the expected portfolios of the individual back-
ers). This table (see Appendix 5) contains the distribution
of entrepreneur characteristics, such as their average age
or the share per racial group, among all investments in my
dataset aggregated per Indiegogo category. Here, its main
purpose is to provide an overview of differences among the
entrepreneur characteristics in the various categories offered
by Indiegogo.

While the previous descriptions were based on all invest-
ments, the unique backers in my dataset will now be de-
scribed. Table 3 provides an overview of some of the main
variables describing the backers. The statistics show that the
average investor is 31.36 years old and makes just under
four contributions on the platform. In addition, an average
backer leaves only roughly one comment on the platform and
is hardly active as an entrepreneur on Indiegogo, as the av-
erage number of own projects of a backer is only 0.03.

Table 4 furthermore provides an overview of the distri-
bution of sex and race among the unique backer population.
Interestingly, while according to the numbers from gender-
ize.io, 32% of all backers are female (compare table 4), they
account for only 28% of all investments (compare table 2).
This pattern suggests that, on average, female investors make
fewer investments than men. The same pattern occurs con-
sidering the numbers from DeepFace. Furthermore, only
0.7% of the roughly 1.2 million different backers have their
Facebook profile connected to their Indiegogo account, and
only 0.6% of the investors have their Twitter profile linked.
However, about 24% of all backer profiles are verified via at
least one channel, such as email.

Although the entrepreneurs are not the focus of my study,
some descriptive statistics will nevertheless be presented to
provide a complete overview of the dataset. Table 5 includes
a summary describing the unique founders. This table indi-

cates that the average entrepreneur is 30.32 years old and
makes investments on the platform as well (2.19 contribu-
tions on average), but less than the backers (with an average
of 3.86 contributions, as presented in table 3). However, with
an average of almost two comments, entrepreneurs are more
active than backers in this respect. Furthermore, an average
entrepreneur launches 1.30 campaigns on Indiegogo.

Table 6 furthermore provides an overview of the distri-
bution of sex and race among the unique entrepreneurs.
Comparing those numbers to table 4, it becomes clear that
the distribution of the characteristics among the unique en-
trepreneurs is very similar to the distribution among the
unique backers. For example, 69% of all entrepreneurs (com-
pare table 6) and 67% of all backers (compare table 4) are
white.

Furthermore, the unique campaigns in my dataset are
briefly described in the following. However, please note that
this is purely for an initial overview of the dataset. None of
these variables are included in my analyses, as the focus of
my study is on the backers in crowdfunding. Table 7 sum-
marizes some essential variables describing the campaigns
funded. Please be aware that, for the sake of simplicity, ta-
ble 7 only includes projects launched in the US$ currency,
which make up by far the largest share of projects in my
dataset.

On average, a campaign is backed by almost 111 in-
vestors, has 4.34 updates posted, and contains roughly 24
comments. Interestingly, the average project duration in my
dataset reflects the recommendation made by Indiegogo. As
already presented in chapter 3.1, Indiegogo recommends a
campaign duration of about 40 days. My dataset indicates
comparable numbers. Although campaigns on Indiegogo
can, in principle, last up to 60 days, the average duration in
my dataset is 42.51 days, which is close to the recommenda-
tion of Indiegogo.

Furthermore, as described in chapter 3.1, campaigns on
Indiegogo can either have a flexible goal or a fixed goal.
The vast majority of projects in my dataset have a flexible
goal (i.e., 97% of all projects), whereas only 3% of the cam-
paigns in my dataset have a fixed goal. Moreover, 60% of all
projects in my sample are assigned to the top-level category
Creative Works, followed by Community Projects, which ac-
count for 21% of all campaigns. Only 19% of all projects
are launched in the top-level category Tech & Innovation.
This is interesting because, as presented at the beginning of
this chapter, projects from Tech & Innovation are among the
most frequently funded projects in my dataset, which indi-
cates that these campaigns receive an above-average num-
ber of investments. Appendix 6 contains the fine-grained
share of campaigns launched per category. Furthermore, it
should also be noted that—as presented in chapter 3.1—In-
diegogo states that women launch 47% of campaigns that ex-
ceed their funding goal. My sample shows a somewhat sim-
ilar pattern, where women initiated 37% of the campaigns
exceeding their goal.

Finally, those investors who act as entrepreneurs on the
platform Indiegogo themselves should briefly be mentioned,
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Table 2: Distribution of sex and race among backers and entrepreneurs (all investments)

Source: Own illustration

Characteristic Share of all investments made Share of all investments received
Female (DeepFace) 16% 11%
Male (DeepFace) 84% 89%
Female (genderize.io) 28% 22%
Male (genderize.io) 72% 78%
White 68% 73%
Asian 11% 10%
Latino Hispanic 7% 5%
Black 6% 5%
Middle Eastern 6% 6%
Indian 2% 1%

Table 3: Summary statistics of the unique backers

Source: Own illustration

Variable Min. Max. Median Mean SD
Backer age 20 67 31 31.36 5.90
Number of contributions 1 3,802 2 3.86 8.79
Number of comments 0 2,003 0 0.85 7.98
Number of own projects 0 235 0 0.03 0.31
Number of FBF 0 5,034 165 371.57 598.69
Profile word count 0 1,548 0 0.49 8.94

Table 4: Distribution of sex and race among the unique backers

Source: Own illustration

Characteristic Share of Backers
Female (DeepFace) 17%
Male (DeepFace) 83%
Female (genderize.io) 32%
Male (genderize.io) 68%
White 67%
Asian 12%
Latino Hispanic 7%
Middle Eastern 6%
Black 6%
Indian 2%

Table 5: Summary statistics of the unique entrepreneurs

Source: Own illustration

Variable Min. Max. Median Mean SD
7 70 30 30.32 5.33

=

Founder age

Number of contributions 0 1,600 1 2.19 8.36
Number of comments 0 3,016 0 1.97 19.42
Number of own projects 1 228 1 1.30 1.25
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Table 6: Distribution of sex and race among the unique entrepreneurs

Source: Own illustration

Characteristic Share of Founders
Female (DeepFace) 20%
Male (DeepFace) 80%
Female (genderize.io) 38%
Male (genderize.io) 62%
White 69%
Asian 9%
Latino Hispanic 6%
Middle Eastern 6%
Black 8%
Indian 2%
Table 7: Summary statistics of unique campaigns funded in US$
Source: Own illustration
Variable Min. Max. Median Mean SD
Number of backers 0 104,448 29 110.71 863.88
Number of updates 0 345 1 4.34 8.61
Number of comments 0 28,210 5 24.18 230.32
Campaign duration (days) 0 2,000 40 42.51 24.13
Total funding (US$) 0 17,595,711 1,911 17,192.46  155,797.84
Campaign start date 2008-01-14 2021-02-05 - 2015-04-17 -
Campaign end date 2010-04-17 2021-04-05 - 2015-06-14 -
which is particularly interesting for my analysis in the di- 3.5. Methods

mension occupation. Among the roughly 1.2 million dif-
ferent backers in my dataset, 27,916 have started at least
one campaign on Indiegogo. These entrepreneur-backers
launch most projects in the top-level category Creative Works
(accounting for 69% of all projects launched by them), fol-
lowed by the top-level category Tech & Innovation (17% of
these investors’ projects) and Community Projects (14% of
all entrepreneur-investor projects). Considering the distribu-
tion among the more fine-grained categories, entrepreneur-
backers launch most projects in the category Film (35% of all
projects), followed by the category Dance & Theater (13%
of all projects). These two categories, both from the top-
level category Creative Works, therefore account for roughly
48% of all projects launched by these investors. On average,
an entrepreneur-backer is 31 years old and is more active
than a standard backer, as this person on average launches
1.25 campaigns and contributes to projects 4.81 times. In-
terestingly, in contrast to what has been presented so far,
this investor type shows a more even distribution of sex in
my dataset. Just under 42% of all entrepreneur-investors are
women, and about 58% are men (considering the numbers
from genderize.io). However, white entrepreneur-investors
make up the majority here as well, as they account for al-
most 68% of these investors, followed by Asian entrepreneur-
investors, who make up just under 10%.

I conducted different quantitative analyses to test the hy-
potheses I developed throughout chapter 2.3. The differ-
ences in the analytical methods used to test my hypothe-
ses arise from the differences in the type and calculation of
the dependent variables. I performed regression analyses to
study homophily in the dimensions age, sex, race, and occu-
pation, and I performed a t-test to analyze homophily in the
dimension location. In the following, the methods used to
test my hypotheses are described in more detail.

In particular, to analyze homophily in the dimension age
(H1), I ran an ordinary least squares regression including ro-
bust standard errors to tackle heteroscedasticity. The model
I ran in this context measures the interaction between the
independent variable Backer age and the dependent variable
Age deviance to determine whether investors tend to invest in
entrepreneurs they are similar to with respect to age. I used
the variance inflation factor to tackle multicollinearity, with
the factor being well below 1.7 for all non-categorical vari-
ables. Please note that the variance inflation factor was also
calculated for all other models in my analyses, whereby the
factor is always well below 1.7.

To analyze homophily in the dimensions sex (H2), race
(H3), and occupation (H4), I ran logistic regression mod-
els. For the analysis in the dimension sex, I ran one logistic
regression model. This model measures the interaction be-
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tween the independent variable Backer sex (i.e., the female
sex) and the dependent variable Sex deviance (also for the
female sex) to investigate whether investors tend to support
more entrepreneurs of their sex than suggested by chance.
Since the characteristic sex can only be male or female, one
model is sufficient to make conclusions for both women and
men regarding homophilous choices.

For the analysis in the dimension race, I ran six mod-
els (model 3a to 3f), that is, one model per race. In each
model, I measure the interactions of the independent vari-
able Backer race (i.e., every race apart from the one tested
for in the dependent variable) and the respective dependent
variable Race deviance. The model for the white race, for ex-
ample, tests whether all races apart from the group of white
investors discriminate against white entrepreneurs. If this is
true, I could conversely infer that the omitted group of white
investors supports more white entrepreneurs than expected,
ultimately indicating homophily.

For the analysis in the dimension occupation, I ran three
logit models (model 4a to 4c), that is, one model per top-level
category. Thereby, I measure the interaction between the cat-
egorical independent variable Backer occupation and one ex-
pression of the dependent variable Funded occupation (i.e.,
Creative Works, Tech & Innovation, or Community Projects).
These models are used to analyze whether investors tend to
invest mainly in entrepreneurs who are active in the same
category as themselves and thus share the same occupation
for the sake of this study.

Unlike the previous dimensions, I conducted a one-sided
t-test in the dimension location (H5) and compared the Ac-
tual average distance with the Expected average distance to an-
alyze whether backers tend to invest in entrepreneurs whom
they are geographically closer to than chance would suggest.

4. Results

The following chapter covers the results of my analyses.
Chapter 4.1 presents the results of the models testing hy-
potheses 1 to 5. Subsequently, chapter 4.2 presents the re-
sults of the robustness test. Specifically, this includes the
analysis in the dimension sex (H2) using the same model as in
chapter 4.1, but with the alternative data from the tool gen-
derize.io to validate the results of the corresponding model
in the previous chapter.

4.1. Hypotheses Testing
Dimension Age (H1)

In hypothesis 1, I predicted that contributions to en-
trepreneurs with a similar age as the investor occur more
frequently than we would expect if investors chose projects
for contribution at random. That is, investors make ho-
mophilous choices as they tend to invest in entrepreneurs
whom they are similar to in age. Thus, I predicted a posi-
tive relationship between the age of the backer and the age
deviance.

Figure 1 presents the result of the ordinary least squares
regression model used to test the hypothesis. The results sup-
port H1, as the relationship between the age of the backer
and the age deviance—indicating how far the actual aver-
age age of the entrepreneurs funded by the backer deviates
from the expected average age—is positive and significant
(b =0.10, p < .001). This indicates that for each additional
year of backer age, the age deviance also increases by 0.10.
The results suggest that, for example, older investors tend to
support older entrepreneurs than suggested by chance, thus
indicating homophily.

Dimension Sex (H2)

In hypothesis 2, I predicted that contributions to en-
trepreneurs of the same sex as the investor occur more fre-
quently than we would expect if investors chose projects for
contribution at random. Thus, I predicted that backers tend
to invest in entrepreneurs with whom they share the same
sex. That is, they make homophilous choices with respect to
the sociodemographic dimension sex.

Figure 2 presents the result from the logit regression
model used to test this hypothesis. The results support H2,
as the interaction of the backer-sex with the corresponding
sex deviance is positive and significant. Particularly for the
model in figure 2, the interaction of the female backer-sex
with the female sex deviance—indicating whether a backer
supports more female entrepreneurs than expected—is posi-
tive and significant (b = 0.89, p < .001). This result indicates
that for female investors, compared to male investors, the
odds to fund more female entrepreneurs than expected in-
crease by a factor of 2.43. Since the sociodemographic char-
acteristic sex has only two forms—male and female—it can
further be inferred from the results that male investors also
tend to support more male entrepreneurs than chance would
suggest. Therefore, the results demonstrate that investors,
in general, tend to invest in entrepreneurs of the same sex,
indicating homophily with respect to this sociodemographic
dimension.

Dimension Race (H3)

In hypothesis 3, I predicted that contributions to en-
trepreneurs of the same race as the investor occur more
frequently than we would expect if investors chose projects
for contribution at random. Thus, I predicted that investors
tend to invest in entrepreneurs with whom they share the
same race. That is, they make homophilous choices in the
sociodemographic dimension race.

Figures 3 to 8 show the logit regression models used to
test for homophily in this dimension. First, the results for the
black race are presented (model 3a), followed by the results
for the Indian race (model 3b), white race (model 3c), Asian
race (model 3d), Latino Hispanic race (model 3e) and finally
the results for the Middle Eastern race (model 3f). However,
it should already be mentioned that I find mixed results, and
therefore, overall, hypothesis 3 is not supported, as signifi-
cant differences can be observed depending on the specific
race considered.



M. Klepsch / Junior Management Science 8(1) (2023) 237-269

255

Variables b Std Err P
Independent Variable
Backer age 0.10%** 0.02 0.00
Control Variables
Backer sex 0.29 0.32 0.37
Backer race Included
Main category funded Included
Number of own projects 0.01 0.12 0.95
Number of comments -0.01 0.01 0.39
Number of contributions 0.00 0.01 0.94
Number of FBF 0.00 0.00 0.96
Facebook connected 0.33 0.33 0.32
Twitter connected -0.33 0.36 0.37
Profile verified 0.29 0.26 0.26
Profile word count -0.01* 0.00 0.02
Notes. N=1,246; ***p< 001; **p<.01; *p < .05, Tp<.1
Figure 1: Ordinary least squares model for the dimension age
Source: Own illustration
Variables b Std Err P
Independent Variable
Backer sex (Female) 0.89%** 0.17 0.00
Control Variables
Backerage 0.021 0.01 0.07
Backer race Included
Main category funded Included
Number of own projects 0.09 0.07 0.22
Number of comments -0.01 0.01 0.41
Number of contributions 0.02%** 0.00 0.00
Number of FBF 0.00 0.00 0.86
Facebook connected 0.08 0.19 0.67
Twitter connected 0.03 0.20 0.87
Profile verified -0.09 0.15 0.56
Profile word count 0.00 0.00 0.27

Notes. N = 1,246; ***p < 001; **p <.01; *p < .05; ' p <.I

Figure 2: Logit model for the dimension sex

Source: Own illustration

Model 3a: Black Race

As shown in figure 3, considering the black race deviance—
indicating whether a backer supports more black entrepreneurs
than expected—the interaction is negative and significant
with all backer races except the omitted group of black in-
vestors, hence indicating homophilous choices made by black
investors. Specifically for white backers, the interaction is
negative and significant (b = -1.59, p < .001). Thus, for
white investors, compared to black investors, the odds to

fund more black entrepreneurs than expected change by a
factor of 0.20. The same is true for Asian investors, where
the interaction is also negative and significant (b = -1.15,
p < .01). Therefore, for Asian investors, the odds to fund
more black entrepreneurs than expected change by a fac-
tor of 0.32, which means that being an Asian investor, the
probability to fund more black entrepreneurs than expected
decreases significantly compared to being a black investor.
Also, for the Indian backer group, the interaction is nega-
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tive and significant (b = -2.68, p < .05). Thus, for Indian
investors, the odds to fund more black entrepreneurs than
expected change by a factor of 0.07, compared to black in-
vestors. Similar holds for Latino Hispanic investors, where
interaction is negative and significant (b = -2.10, p < .001).
Thus, for Latino Hispanic investors, the odds to fund more
black entrepreneurs than expected change by a factor of 0.12,
indicating that the odds to fund more black entrepreneurs
than expected significantly decrease if the investor is Latino
Hispanic instead of the investor being black. Finally, for the
Middle Eastern investors, the interaction is also negative and
significant (b =-1.84, p < .001). Therefore, for Middle East-
ern investors, the odds to fund more black entrepreneurs
than expected changes by a factor of 0.16, compared to the
omitted group of black investors.

Since the interaction is negative and significant for all
five investor groups in this model, indicating that they
all significantly discriminate against black entrepreneurs,
it can be conversely concluded that the interaction with
the omitted group of black investors is positive and signif-
icant. Thus, black investors tend to support more black
entrepreneurs than chance would suggest, arguing for ho-
mophilous choices. Therefore, considering this model only,
the results would support hypothesis 3.

Model 3b: Indian Race

Similar results are found for Indian backers. As shown in
figure 4, considering the Indian race deviance—indicating
whether an investor supports more Indian entrepreneurs
than expected—the interaction with the various racial groups
of the investors used in this model is negative and significant.
Specifically, for the group of white backers, the interaction
is negative and significant (b = -2.56, p < .001). Thus, for
white investors compared to Indian investors, the odds of
funding more Indian entrepreneurs than expected change by
a factor of 0.08, indicating that the probability significantly
decreases for white backers. The same is true for black in-
vestors, where the interaction is also negative and significant
(b = -1.84, p < .05). Thus, for black investors, the odds
of funding more Indian entrepreneurs than chance would
suggest change by a factor of 0.16, compared to Indian in-
vestors. Likewise, for the Asian backer group, the interaction
is negative and significant (b = -2.24, p < .01). Therefore,
for Asian investors compared to Indian investors, the odds
of funding more Indian entrepreneurs than expected change
by a factor of 0.11, indicating a decreasing probability. Also,
for Latino Hispanic investors, the interaction is negative and
significant (b = -2.94, p < .05). Therefore, the odds of fund-
ing more Indian entrepreneurs than expected change by a
factor of 0.05 if the investor is Latino Hispanic, indicating
that the likelihood to fund more Indian entrepreneurs than
expected decreases drastically if the investor is Latino His-
panic instead of Indian. Finally, for Middle Eastern backers,
the interaction is also negative and significant (b = -2.15,
p < .05). Thus, for Middle Eastern investors, the odds of
funding more Indian entrepreneurs than expected change by
a factor of 0.12, compared to the omitted group of Indian

investors.

Since the interaction is negative and significant for all five
backer races in this model, it can conversely be inferred that
the interaction with the omitted group of Indian investors is
positive and significant. That is, Indian investors tend to sup-
port significantly more Indian entrepreneurs than expected
from random choice. Thus, considering only this model, I
find support for my hypothesis on racial homophily.

Model 3c: White Race

Other than what has been presented before, the situation is
different for white backers. As shown in figure 5, considering
the white race deviance, the interaction with the five backer
races included in this model (i.e., every race apart from the
group of white investors) is negative, yet not always signif-
icant. Thereby, for the group of black backers, the interac-
tion is negative and significant (b = -1.30, p < .001). Thus,
for black investors compared to white investors, the odds to
fund more white entrepreneurs than expected change by a
factor of 0.27, indicating a decreasing likelihood of support-
ing more white entrepreneurs than expected if the backer
is black. The same holds for Asian investors, where the in-
teraction is negative and significant (b = -0.70, p < .001).
Thus, for Asian investors, the odds to fund more white en-
trepreneurs than expected change by a factor of 0.50, mean-
ing that for Asian investors, the odds to fund more white en-
trepreneurs than expected are only half as high as for white
investors. The interaction is also negative and significant
for Latino Hispanic backers (b = -0.74, p < .01). Thus, for
Latino Hispanic investors, the odds to fund more white en-
trepreneurs than expected change by a factor of 0.48, indi-
cating a decreasing probability compared to white investors.
On the other hand, for Indian investors, the interaction is
negative but not significant (b = -0.66, p < .10). Likewise,
for Middle Eastern investors, the interaction is also negative
but not significant (b =-0.34, p = .19).

Although the interaction is negative for all five investor
groups in this model, suggesting that white entrepreneurs
tend to make homophilous choices, I still cannot support hy-
pothesis 3 considering only this model. This is because some
interactions with the independent variable are not signifi-
cant in this model. Consequently, I cannot conversely con-
clude that, in general, white backers support more white en-
trepreneurs than expected.

Model 3d: Asian Race

As shown in figure 6, considering the Asian race deviance—
indicating whether an investor supports more Asian en-
trepreneurs than expected—the interaction with the dif-
ferent racial groups of investors in this model is negative,
yet not always significant. Thereby, for white backers, the
interaction is negative and significant (b =-0.78, p < .001).
Thus, for white investors compared to Asian investors, the
odds of funding more Asian entrepreneurs than expected
change by a factor of 0.46, meaning that for a white investor,
the likelihood of supporting more Asian entrepreneurs than
chance would suggest decreases. The same is true for Mid-
dle Eastern investors, where the interaction is negative and
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Variables

b Std Err P
Independent Variable
Backer race (White) -1.5G%** 0.28 0.00
Backer race (Asian) -1 15%* 0.37 0.00
Backer race (Indian) -2.68* 1.08 0.01
Backer race (Latino Hispanic) -2.10%** 0.54 0.00
Backer race (Middle Eastern) -1.84%k* 0.53 0.00
Control Variables
Backer sex 0.28 0.24 0.24
Backer age 0.00 0.02 0.79
Main category funded Included
Number of own projects 0.07 0.09 0.43
Number of comments 0.00 0.01 0.99
Number of contributions 0.01** 0.01 0.01
Number of FBF 0.00%** 0.00 0.00
Facebook connected -0.33 0.26 0.20
Twitter connected 0.13 0.27 0.62
Profile verified 0.07 0.20 0.71
Profile word count 0.00 0.00 0.90
Notes. N=1,246; ***p < 001; **p <.01; *p < .05, Tp<.1
Figure 3: Logit model 3a for the dimension race (Race deviance—Black)
Variables b Std Err P
Independent Variable
Backer race (White) -2.56%** 0.67 0.00
Backer race (Black) -1.84* 0.86 0.03
Backer race (Asian) -2.24%% 0.80 0.01
Backer race (Latino Hispanic) -2.94* 1.19 0.01
Backer race (Middle Eastern) -2.15% 0.92 0.02
Control Variables
Backer sex 0.73t 0.43 0.09
Backer age 0.03 0.03 0.35
Main category funded Included
Number of own projects -0.06 0.23 0.80
Number of comments -0.01 0.02 0.55
Number of contributions 0.02%* 0.01 0.01
Number of FBF 0.00* 0.00 0.02
Facebook connected -0.39 0.52 0.45
Twitter connected -0.15 0.56 0.79
Profile verified -0.18 0.40 0.66
Profile word count 0.00 0.01 0.94

Figure 4: Logit model 3b for the dimension race (Race deviance—Indian)

Source: Own illustration

Notes. N = 1,246; ***p< 001; **p <.01; *p < .05; ' p <.1
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Variables b Std Err P

Independent Variable
Backer race (Black) -1.30%** 0.25 0.00
Backer race (Asian) -0.70%** 0.20 0.00
Backer race (Latino Hispanic) -0.74%* 0.25 0.00
Backer race (Indian) -0.667 0.39 0.09
Backer race (Middle Eastern) -0.34 0.26 0.19

Control Variables
Backer sex -0.34* 0.16 0.03
Backer age 0.00 0.01 0.91
Main category funded Included
Number of own projects 0.11 0.07 0.11
Number of comments 0.00 0.00 0.26
Number of contributions -0.01* 0.00 0.02
Number of FBF 0.00%* 0.00 0.01
Facebook connected 0.06 0.16 0.71
Twitter connected 0.07 0.17 0.68
Profile verified -0.11 0.13 0.41
Profile word count 0.00 0.00 0.56

Notes. N= 1,246 ***p < 001; **p <. 01 *p < .05; T p<.1

Figure 5: Logit model 3c for the dimension race (Race deviance—White)

Source: Own illustration

significant (b = -0.84, p < .05). Thus, for Middle Eastern
investors, the odds of funding more Asian entrepreneurs
than expected change by a factor of 0.43, indicating that for
Middle Eastern investors, the probability of funding more
Asian entrepreneurs than expected is less than half of that
for the omitted group of Asian investors. On the other hand,
the results for the other three backer races included in this
model are negative but not significant. For the group of black
investors, the interaction is negative but not significant (b =
-0.61, p < .10). Likewise, for Indian backers, the interaction
is negative, yet not significant (b = -0.28, p = .57). Further-
more, the interaction for the Latino Hispanic investor group
is negative but insignificant as well (b = -0.08, p = .82).
Again, the results of this model do not support hypothe-
sis 3. Although the interaction is negative for all five investor
races in this model, which would suggest that the interaction
of the omitted group of Asian investors with the Asian race
deviance is positive, this conclusion is not possible. That is
because the interaction with three of five races is not signif-
icant. Thus, for the Asian race, it cannot be inferred that,
on average Asian investors tend to support more Asian en-
trepreneurs than chance would suggest. Hence, I do not find
support for my hypothesis on racial homophily considering
this model only.
Model 3e: Latino Hispanic Race
As shown in figure 7, considering the Latino Hispanic race
deviance, the interaction with the five investor races in the
model is also negative but not always significant. For white

investors, the interaction is negative and significant (b = -
0.84, p < .01). Thus, for white backers compared to Latino
Hispanic backers, the odds of funding more Latino Hispanic
entrepreneurs than expected change by a factor of 0.43. The
same is true for black backers, where the interaction is also
negative and significant (b = -1.11, p < .05). Thus, for
black investors, the odds of funding more Latino Hispanic
entrepreneurs than expected change by a factor of 0.33, in-
dicating that for black investors, the likelihood to fund more
Latino Hispanic entrepreneurs than expected is only about
one-third as high as for Latino Hispanic investors. On the
other hand, the results for the three other races included are
negative but not significant. For Asian investors, the inter-
action is negative but not significant (b = -0.69, p < .10).
Likewise, for Indian investors, the interaction is also nega-
tive but insignificant (b = -0.92, p = .19). Furthermore, the
interaction is negative yet not significant for the Middle East-
ern investor group (b =-0.79, p < .10).

Therefore, similar to what has been presented for the
white and Asian race (models 3¢ and 3d), the results of
this model do not support hypothesis 3. This is because
even though the interaction for all five investor races in this
model is negative, indicating a positive interaction of the
omitted group of Latino Hispanic investors with the Latino
Hispanic race deviance, the interaction is not significant for
three of the five races in this model. Thus, since not all
racial groups included in this model significantly discrimi-
nate against Latino Hispanic entrepreneurs, it is not possible
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Variables b Std Err P

Independent Variable
Backer race (White) -0.78%** 0.22 0.00
Backer race (Middle Eastern) -0.84* 0.39 0.03
Backer race (Black) -0.61* 0.36 0.10
Backer race (Indian) -0.28 0.49 0.57
Backer race (Latino Hispanic) -0.08 0.34 0.82

Control Variables
Backer sex 0.26 0.20 0.19
Backer age 0.01 0.01 0.49
Main category funded Included
Number of own projects -0.08 0.09 0.40
Number of comments 0.01% 0.00 0.08
Number of contributions 0.01%* 0.00 0.01
Number of FBF 0.00 0.00 0.79
Facebook connected 0.05 0.20 0.81
Twitter connected -0.17 0.22 0.44
Profile verified 0.17 0.16 0.30
Profile word count 0.00 0.00 0.65

Notes. N=1,246; ***p < 001; **p <.01; *p < .05, Tp<.1

Figure 6: Logit model 3d for the dimension race (Race deviance—Asian)

Variables b Std Err P

Independent Variable
Backer race (White) -0.84** 0.32 0.01
Backer race (Black) -1L11* 0.52 0.03
Backer race (Asian) -0.697 0.40 0.08
Backer race (Indian) -0.92 0.70 0.19
Backer race (Middle Eastern) -0.797 0.48 0.10

Control Variables
Backer sex -0.08 0.25 0.74
Backer age -0.01 0.02 0.58
Main category funded Included
Number of own projects -0.16 0.12 0.18
Number of comments 0.00 0.00 0.59
Number of contributions 0.01t 0.00 0.06
Number of FBF 0.00 0.00 0.34
Facebook connected 0.59* 0.24 0.01
Twitter connected 0.02 0.25 0.95
Profile verified -0.20 0.20 0.32
Profile word count 0.00 0.00 0.50

Figure 7: Logit model 3e for the dimension race (Race deviance—Latino Hispanic)

Source: Own illustration

Notes. N = 1,246; ***p< 001; **p <.01; *p < .05; ' p <.1
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to conversely conclude that the omitted group of Latino His-
panic investors exhibits a bias to support significantly more
Latino Hispanic entrepreneurs than would be expected by
chance.

Model 3f: Middle Eastern Race

As shown in figure 8, considering the Middle Eastern race
deviance—indicating whether an investor supports more
Middle Eastern entrepreneurs than expected—the interac-
tion with the various racial groups of investors included
in this model is negative but not significant. Specifically, for
white investors, the interaction is negative but not significant
(b =-0.31, p = .38). The same is true for black investors,
where the interaction is negative but not significant (b =
-0.33, p =.51). Likewise, for the group of Asian backers, the
interaction is negative but insignificant (b = -0.66, p = .16).
The same holds for Indian investors, where the interaction is
also negative yet not significant (b = -0.92, p = .27). Finally,
the interaction is negative but insignificant for the group of
Latino Hispanic investor as well (b =-0.88, p = .13).

Since the results for each of the five backer races in this
model are not significant, it is not possible to conclude that
Middle Eastern entrepreneurs are significantly discriminated
against by investors from all but their racial group. Thus, it
is also impossible to conversely conclude that Middle East-
ern investors make homophilous choices by supporting more
Middle Eastern entrepreneurs than expected. Therefore, con-
sidering this model only, the results do not support hypothe-
sis 3.

To summarize the analysis of hypothesis 3, I cannot con-
clude that investors in general tend to support more en-
trepreneurs of their race than expected. Thus, hypothesis
3 is not supported as I find mixed results with only models
3a (black) and 3b (Indian) supporting the hypothesis and
models 3c to 3f not supporting the hypothesis.

Dimension Occupation (H4)

In hypothesis 4, I predicted that contributions to en-
trepreneurs with the same occupation as the investor occur
more frequently than contributions to entrepreneurs with a
different occupation than the investor. I predicted that in-
vestors who are active as entrepreneurs on Indiegogo tend to
invest in entrepreneurs with whom they share the same occu-
pation. That is, they invest in projects of entrepreneurs in the
same top-level category as they launch their own projects.

Figures 9 to 11 present the results from the logit regres-
sion models used to test hypothesis 4. Each model corre-
sponds to one top-level category on Indiegogo, representing
the occupation in the context of this study. First, the re-
sults for the top-level category Creative Works are presented
(model 4a), followed by the model for the top-level category
Tech & Innovation (model 4b). Finally, the results for the
top-level category Community Projects (model 4c) are pre-
sented. However, it should already be mentioned that the re-
sults of all three models support hypothesis 4, suggesting that
investors make homophilous choices as they tend to mainly
invest in entrepreneurs with whom they share the same oc-

cupation.

Model 4a: Funded Occupation—Creative Works

As shown in figure 9, considering Creative Works as the
funded occupation in the dependent variable, the interaction
with Creative Works as the backer occupation in the indepen-
dent variable is positive and significant (b = 3.42, p < .001).
This result suggests that for investors who are active in Cre-
ative Works, the odds of mainly funding entrepreneurs active
in Creative Works increase by a factor of 30.62, compared to
investors who are active in Community Projects. Thus, the
result of this model supports H4, as investors significantly
tend to invest in the same occupation as they are active when
considering the top-level category Creative Works.

Model 4b: Funded Occupation—Tech & Innovation
Comparable results are found for the funded occupation Tech
& Innovation (see figure 10). Also in this case, the interac-
tion with the corresponding backer occupation is positive and
significant (b = 2.17, p < .001). These results suggest that
for investors who are active in the top-level category Tech &
Innovation, the odds of mainly funding entrepreneurs who
are active in Tech & Innovation increase by a factor of 8.76
compared to investors who are active in the omitted cate-
gory Community Projects. Thus, the results of this model also
support H4, as investors tend to invest in entrepreneurs with
the same occupation when considering the top-level category
Tech & Innovation.

Modell 4c: Funded Occupation—Community Projects

Also, the third model (see figure 11) supports hypothesis
4. Considering the funded occupation Community Projects
as the dependent variable, the interaction with both expres-
sions of the categorical independent variable for the backer
occupation included in this model (i.e., Creative Works and
Tech & Innovation) is negative and significant. Precisely,
the interaction with the backer occupation Creative Works
is negative and significant (b = -3.98, p < .001). Thus,
for investors who are active in Creative Works, the odds
of mainly funding entrepreneurs in the top-level category
Community Projects change by a factor of 0.02, indicating
that the probability significantly decreases compared to in-
vestors active in the omitted category Community Projects.
Similar results are found for the interaction with the backer
occupation Tech & Innovation, which is also negative and
significant (b = -2.75, p < .001). This suggests that for in-
vestors whose occupation is Tech & Innovation, compared to
investors whose occupation is Community Projects, the odds
of mainly funding entrepreneurs in the top-level category
Community Projects change by a factor of 0.06, indicating a
decreasing probability. Since the probability decreases sig-
nificantly in both cases, it can be conversely concluded that
investors active in the omitted category Community Projects
exhibit a bias to invest in entrepreneurs active in the same
top-level category. Therefore, the results of this model also
support hypothesis 4, as investors tend to support those en-
trepreneurs with whom they share the same occupation with,
also in the case of the top-level category Community Projects.
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Variables b Std Err P

Independent Variable
Backer race (White) -0.31 0.35 0.38
Backer race (Black) -0.33 0.51 0.51
Backer race (Asian) -0.66 0.47 0.16
Backer race (Indian) -0.92 0.83 0.27
Backer race (Latino Hispanic) -0.88 0.58 0.13

Control Variables
Backer sex 0.37 0.23 0.11
Backer age 0.02 0.02 0.28
Main category funded Included
Number of own projects -0.08 0.11 0.48
Number of comments 0.00 0.00 0.56
Number of contributions 0.01%* 0.00 0.02
Number of FBF 0.00 0.00 0.69
Facebook connected -0.08 0.25 0.76
Twitter connected 0.34 0.26 0.20
Profile verified -0.10 0.20 0.60
Profile word count 0.00 0.00 0.76

Notes. N= 1,246 ***p < 001; **p <. 01 *p < .05; T p<.1

Figure 8: Logit model 3f for the dimension race (Race deviance—Middle Eastern)

Source: Own illustration

Variables b Std Err P
Independent Variable
Backer occupation (Creative Works) 3.42%%% 0.28 0.00
Backer occupation (Tech & Innovation) -0.07 0.32 0.83
Control Variables
Backer sex 0.20 0.26 0.43
Backer race Included
Backerage 0.02 0.02 0.32
Number of own projects 0.08 0.13 0.55
Number of comments -0.04* 0.02 0.02
Number of contributions 0.01 0.01 0.52
Number of FBF 0.00* 0.00 0.04
Facebook connected 0.13 0.24 0.58
Twitter connected 0.54* 0.27 0.05
Profile verified -0.407 0.22 0.06
Profile word count 0.00t 0.00 0.08

Notes. N = 830; ***p < .001; **p < 01; *p<.05: ' p<.]

Figure 9: Logit model 4a for the dimension occupation (Creative Works)
Source: Own illustration
Dimension Location (H5) more frequently than we would expect if investors chose

In hypothesis 5, I predicted that contributions to en- projects for contribution at random. Thus, I predicted that
trepreneurs with a similar location as the investor occur  the average distance between a backer and the entrepreneurs
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Variables b Std Err P
Independent Variable
Backer occupation (Creative Works) -1 ]5%R* 0.28 0.00
Backer occupation (Tech & Innovation) 2, 17%%* 0.30 0.00
Control Variables
Backer sex -0.21 0.27 0.43
Backer race Included
Backerage -0.01 0.02 0.66
Number of own projects -0.09 0.13 0.50
Number of comments 0.04* 0.01 0.01
Number of contributions -0.01 0.01 0.68
Number of FBF 0.00** 0.00 0.01
Facebook connected -0.34 0.25 0.19
Twitter connected -0.16 0.28 0.56
Profile verified 0.58* 0.23 0.01
Profile word count 0.00 0.00 0.36

Notes. N = 830; ***p < .001; **p < 01; *p<.05; p<.1

Figure 10: Logit model 4b for the dimension occupation (Tech & Innovation)

Source: Own illustration

Variables b Std Err P
Independent Variable
Backer occupation (Creative Works) -3.98%** 0.36 0.00
Backer occupation (Tech & Innovation) -2.75%H* 0.38 0.00
Control Variables
Backer sex 0.01 0.38 0.98
Backer race Included
Backerage -0.03 0.03 0.30
Number of own projects 0.00 0.21 0.99
Number of comments -0.01 0.02 0.74
Number of contributions 0.00 0.02 0.82
Number of FBF 0.00 0.00 0.33
Facebook connected 0.29 0.33 0.38
Twitter connected -0.70* 0.38 0.07
Profile verified -0.22 0.30 0.46
Profile word count 0.00 0.00 0.23

Notes. N = 830; **p < 001; **p< 01 %p<.05: ' p<.]

Figure 11: Logit model 4c for the dimension occupation (Community Projects)

Source: Own illustration

in the portfolio (Actual average distance) is significantly less
than the average distance for the backer’s expected port-
folio (Expected average distance). That is, investors make
homophilous choices with regard to the sociodemographic
dimension location.

The result of the one-sided t-test fully supports hypothe-

sis 5, as the test is highly significant (p < .001). Thus, I can
conclude that the actual average distance between a backer
and the entrepreneurs funded is significantly less than the
expected average distance of the portfolio. Therefore, my
results suggest that investors do not randomly choose en-
trepreneurs for contribution but instead exhibit a bias to in-
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vest in entrepreneurs to whom they are geographically close.

4.2. Robustness Test

As already mentioned, the sex of the individuals (i.e.,
of both backers and entrepreneurs) was additionally de-
termined during data collection and processing using the
genderize.io tool. Thus, I ran the same model as in chapter
4.1, but with the data from genderize.io, to test the robust-
ness of hypothesis 2 and to validate whether the results are
reproducible based on the alternative data.

Dimension Sex (H2)

In hypothesis 2, I predicted that contributions to en-
trepreneurs of the same sex as the investor occur more fre-
quently than we would expect if investors chose projects for
contribution at random. Thus, I predicted that backers make
homophilous choices with respect to the sociodemographic
characteristic sex.

Figure 12 presents the result from the logit regression
model, which I ran as the robustness test to measure ho-
mophily in the dimension sex. These results also support
hypothesis 2, as the interaction of the backer-sex with the
corresponding sex deviance is positive and significant. Partic-
ularly for the model in figure 12, the interaction of the female
backer-sex with the female sex deviance—indicating whether
an investor supports more female entrepreneurs than ex-
pected—is positive and significant (b = 0.88, p < .001).
This result suggests that for female investors compared to
male investors, the odds to fund more female entrepreneurs
than expected increase by a factor of 2.40. As already men-
tioned in chapter 4.1, it can therefore also be concluded
that male investors support more male entrepreneurs than
chance would suggest. Thus, these results reproduce the
findings of the corresponding test of hypothesis 2 in chapter
4.1, implying that both female investors and male investors
tend to support entrepreneurs of the same sex, indicating
that backers make homophilous choices with regard to the
dimension sex.

5. Discussion

In the past, numerous studies across various disciplines
have shown the importance of the construct of homophily.
However, most studies only considered one dimension of ho-
mophily, such as often the sociodemographic characteristic
sex. Thus, previous studies neglected the complexity arising
from the multidimensionality of this theoretical construct.
Taking the first step to do more justice to the complexity by
individually analyzing the five sociodemographic dimensions
age, sex, race, occupation, and location based on the same
dataset, I make several contributions.

First, I contribute to the broad literature on homophily.
While my findings generally underline the importance of the
theoretical construct, as various studies have demonstrated
in the past, [ add to the literature by showing that homophily
is not as clear-cut considering more complex characteristics.

That is the dimension race in the specific context of my study.
Thus, I extend the existing literature by showing that bias de-
pends on the particular sociodemographic characteristic of an
individual under consideration. Thereby, for four of the five
dimensions of homophily considered in my study, the results
reproduce the findings of previous studies, indicating that ho-
mophily plays a vital role in individual choices. Therefore,
these results will not be interpreted further here. It suffices to
mention that I showed that individuals exhibit significant ho-
mophilous behavior in the dimensions age, sex, occupation,
and location. That is, backers on the crowdfunding platform
Indiegogo make homophilous choices in that they tend to in-
vest in entrepreneurs who have a similar age and location
as themselves, as well as in those entrepreneurs with whom
they share the same sex and occupation.

More interesting are the results of my analyses in the so-
ciodemographic dimension race, which will be interpreted
in more detail in the following. In this context, I found
mixed results, with significant differences depending on the
race considered. In short, my findings suggest homophilous
choices from individuals that are black or Indian. However,
the same is not valid for white, Asian, Latino Hispanic, or
Middle Eastern investors.

Specifically, my findings suggest that black and Indian
entrepreneurs are discriminated against by all but their
racial group, implying that on the other hand, backers who
are black or Indian significantly tend to support more en-
trepreneurs of their race than chance would suggest, indicat-
ing homophilous choices. Furthermore, my findings provide
more nuanced results for the white, Asian, Latino Hispanic,
and Middle Eastern race. While in general, homophily seems
to be relevant here as well, I do not find that all but their
racial group significantly discriminate against those groups
of entrepreneurs. Hence, I cannot conversely conclude that
individuals from those racial groups exhibit significant ho-
mophilous behavior. For example, my findings for the white
race suggest that Middle Eastern backers do not significantly
discriminate against white entrepreneurs (compare model
3c). Similarly, my results show that Latino Hispanic and
Indian investors do not significantly discriminate against
Asian entrepreneurs (compare model 3d). Furthermore, In-
dian investors also do not significantly discriminate against
Latino Hispanic entrepreneurs (compare model 3e). Finally,
my findings suggest that Middle Eastern entrepreneurs are
not significantly discriminated against by investors from any
racial group (see model 3f). Therefore, I cannot conclude
that, in general, white, Asian, Latino Hispanic, and Mid-
dle Eastern investors tend to make homophilous choices by
funding more entrepreneurs of their race than expected. The
above interpretation indicates that my analyses on racial
homophily show different results depending on which of
the six races is considered. In light of these findings, it
could be interpreted as a result of cultural distance, which
states that some cultures are more similar than other cultures
(Shenkar, 2001), possibly explaining why certain races are
discriminated against by some races but not by others.

Second, I contribute to the crowdfunding literature by
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Variables b Std Err P
Independent Variable
Backer sex (Female) 0.88%** 0.11 0.00
Control Variables
Backer age 0.02* 0.01 0.01
Backer race Included
Main category funded Included
Number of own projects 0.16** 0.06 0.01
Number of comments 0.00 0.00 0.35
Number of contributions 0.01* 0.00 0.03
Number of FBF 0.00 0.00 0.47
Facebook connected -0.14 0.13 0.30
Twitter connected 0.18 0.14 0.21
Profile verified -0.15 0.11 0.15
Profile word count 0.01%* 0.00 0.00

Notes. N=1,905; ***p< 001; **p <.01; *p < .05; ' p<.1

Figure 12: Logit model for the dimension sex—robustness test

Source: Own illustration

putting the investors into the spotlight of research. While
previous studies in the crowdfunding context have mainly
focused on the characteristics of the campaigns and the en-
trepreneurs as the most critical elements for success, past
studies have neglected the third influential element: the role
of the backers in crowdfunding. This gap is furthermore re-
flected by the scholars’ call to also focus on the backers as a
success factor in crowdfunding (Bretschneider & Leimeister,
2017; Kuppuswamy & Bayus, 2018). My study is one of the
first to bring the investor into the spotlight of crowdfunding
research, thus illuminating the component of crowdfunding
success that has often been neglected. At the same time, my
findings regarding the choice behavior of the backers also of-
fer some valuable insights for crowdfunding entrepreneurs.
As an example, in the dimension race, I demonstrate that,
on the one hand, from the backers’ perspective, only black
and Indian backers make homophilous choices. On the other
hand, from the entrepreneurial point of view, black and In-
dian entrepreneurs might be disadvantaged. While my find-
ings do not permit to conclude that black and Indian en-
trepreneurs, in general, have fundamentally lower chances of
crowdfunding success, I can undoubtedly say that investors
of all other races discriminate against them. These find-
ings may explain the emergence of crowdfunding platforms
specifically for racial minorities, such as the platform Fund-
BLACKFounders’. Furthermore, my findings suggest that, on
average, younger entrepreneurs might be in a favorable po-
sition to achieve their funding goals. Since my results show
that backers exhibit homophily in terms of age, and the av-

7FundBLACKFounders is a reward based crowdfunding platform for black
entrepreneurs founded to overcome the lack of funding allocated to black
entrepreneurs (FundBLACKFounders, 2021).

erage backer is about 31 years old (compare chapter 3.4), it
could be interpreted that younger entrepreneurs have higher
chances of success than entrepreneurs who are at the upper
end of the age range. That is because there are simply more
young backers in the crowd who tend to back entrepreneurs
of similar age.

Third, I empirically contribute by obtaining the data for
my analyses from Indiegogo, the second-largest crowdfund-
ing platform. While most of the studies in crowdfunding use
data from Kickstarter (exemplary see Greenberg and Mol-
lick (2017); Kuppuswamy and Bayus (2018)), which is the
largest crowdfunding platform, my study is one of the few us-
ing data from Indiegogo. Thus, my study offers new insights
regarding investors’ choices with respect to the backer-to-
entrepreneur dyad based on a unique dataset gathered from
Indiegogo.

The empirical contribution mentioned above is closely re-
lated to my fourth and final contribution. By replicating re-
sults found on other crowdfunding platforms, I contribute
to the literature by providing an additional perspective on
whether results found on one particular platform can be gen-
eralized across different crowdfunding platforms. That is be-
cause scholars have argued that crowdfunding platforms dif-
fer, and therefore, “patterns observed on one platform can-
not be assumed to generalize to other platforms” (Dushnit-
sky & Fitza, 2018, p. 1). In this context, with my analy-
ses based on data from Indiegogo, I reproduced previous re-
sults found on other platforms for resource acquisition on-
line. For example, I was able to replicate the results of a
study in the context of the lending-based microfinance plat-
form Kiva. These findings suggest that lenders tend to fund
fundraisers of the same sex and projects within an industry
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similar to the one the lenders are active in (Riggins & Weber,
2017). Likewise, my results also suggest that investors tend
to support entrepreneurs of the same sex and the same oc-
cupation. Just to mention a second example, this also holds
for a study based on data from Kickstarter. Thereby, scholars
were able to show that women support each other in crowd-
funding (Greenberg & Mollick, 2017). This finding is also
reflected in my study since my models suggest that investors
tend to support entrepreneurs of the same sex, thus repli-
cating these results by showing that female investors tend to
fund female entrepreneurs.

6. Conclusion

This study sought out to analyze the effects of homophily.
While I can, in principle, prove that investors on Indiegogo
make homophilous choices, this does not apply to all dimen-
sions of homophily tested for in my study. While investors
primarily exhibit homophilous behavior with respect to the
sociodemographic characteristics age, sex, occupation, and
location, the answer is not as clear-cut in the more com-
plex dimension race. Instead, significant differences are ob-
servable, depending on the race considered, where my re-
sults suggest that only black and Indian investors make sig-
nificant homophilous choices. Despite offering valuable in-
sights on how homophily influences the choice of backers
in crowdfunding, this work nevertheless has some limita-
tions that offer potential paths for future research. First, I
have tried my best to reflect the mechanism underlying the
backers’ decision-making behavior. However, I cannot look
in the investors’ minds. Thus, I cannot judge whether the
observed behavior was random or based on a conscious de-
cision. Therefore, an exciting possibility for future research
is a qualitative study in which detailed interviews are con-
ducted with crowdfunding backers to understand better why
they behave the way they do.

Second, there may be a slight bias in my samples, as
only those individuals who uploaded a profile picture in-
cluding their face were considered—which was caused by
the fact that the characteristics of the individuals, such as
their age and race, were algorithmically inferred from their
profile pictures. All those individuals who did not upload
a picture including their face were not taken into account
in my study. This could cause a slight bias of reality, as
scholars have shown that the face of the entrepreneur rep-
resents an important factor in the decision-making process
of backers, as projects from entrepreneurs with higher fa-
cial trustworthiness have significantly more investors and
a higher chance of success (Duan, Hsieh, Wang, & Wang,
2020). Future research might therefore, if possible, use al-
ternative means to determine characteristics of individuals,
such as the tools genderize.io, nationalize.io®, and agify.io’,

8Nationalize.io is a tool that predicts the nationality of a person given
their name (Nationalize.io, 2021)

9 Agify.io is a tool to predict the age of a person given their name (Agify.io,
2021)

to potentially have less biased samples, including not only
those individuals where a face can be recognized from their
profile pictures. Finally, another limitation arises from using
the Python framework DeepFace to extract the character-
istics of the individuals from their profile pictures. While
technological progress nowadays allows a comparatively
good estimation of the attributes of individuals based on
their faces, these algorithms are not yet perfectly mature,
whereby especially the determination of the age based on a
face is still challenging.

Besides the topics mentioned above, my study creates
additional exciting areas for future research. First, an in-
creasing number of scholars in the field of homophily re-
cently highlighted the need for studies on homophily that
consider the multidimensionality of the concept (Block &
Grund, 2014; Nahon & Hemsley, 2014). While my research
provides a valuable first step in this direction by analyzing
the influence of five different sociodemographic characteris-
tics on homophily based on the same dataset gathered from
the crowdfunding platform Indiegogo, further research is re-
quired to properly do justice to the complexity arising from
the multidimensionality of this construct. In this context, a
potentially fruitful path for future research is to apply a holis-
tic view on homophily where different dimensions are not
only studied individually but rather the interaction of the var-
ious dimensions is investigated.

Second, a more detailed analysis regarding the influence
of the dimension race on homophily offers another exciting
possibility for future research. That is because the dimen-
sion race is simply quite complex, with many possible combi-
nations in a dyad. Since my findings suggest significant dif-
ferences regarding racial homophily depending on the race
considered, a detailed study of homophily considering the
characteristic race is necessary to properly investigate which
racial groups support each other.

Third, a more in-depth analysis regarding homophily
in the dimension occupation is an attractive opportunity
for future research. While I analyzed this dimension using
the three top-level categories available on Indiegogo, future
work could replicate the analyses using the more granular
set of approximately 30 different categories (see Appendix
1). It would be interesting to determine whether the ho-
mophily hypothesis still holds in this case or whether, due
to a higher level of complexity resulting from more possible
variations, no strict answer can be given, just as I found for
the dimension race.

Finally, replicating my results with data from other
crowdfunding platforms is an interesting possibility for fu-
ture research. On the one hand, this would further help to
answer the question of platform generalizability (compare
chapter 5). On the other hand, finding the same results
on other crowdfunding platforms would additionally under-
line the robustness of the theoretical construct of homophily
in the context of online venture funding. In conclusion, it
should be said that my work is only a small step to advance
research on homophily, especially in the context of crowd-
funding, where I put the backers in the spotlight of research.
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I hope that in the future, scholars will follow this path to
further advance research.
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